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Abstract

This paper evaluates the short-run family structure-stabilizing effects of public assis-
tance for poor two-parent families. 1961 amendments to the Social Security Act gave
states the option to extend the Aid to Families with Dependent Children program to
provide a segment covering the families of an unemployed parent (AFDC-UP), and
access to benefits remained contingent on state of residence for the next three decades.
AFDC-UP functioned similarly to the U.S. unemployment insurance (UI) system but
also largely targeted the families of individuals who were UI-ineligible. Leveraging
Current Population Survey Annual Social and Economic Supplement data as early as
1968 and through 1988, the difference in differences research design compares measures
of program participation and family structure between recently unemployed men and
those not experiencing unemployment, in AFDC-UP versus non-AFDC-UP states, and
by tercile of previous earnings. I find that AFDC-UP provided a large degree of pro-
tection, preventing upwards of 50 percent of increases in divorce, separation, or spousal
absence and declines in cohabitation that would have otherwise occurred. These effects
are concentrated primarily among poor families of long-term unemployed men. The
findings in this paper indirectly suggest that the welfare gains of extending UI benefits
to ineligible workers and their families would be large, highlight the historical impor-
tance of complementary safety net programs in protecting against unemployment, and
contribute to our understanding of the increasing association between unemployment
and two-parent family dissolution since the 1960s.
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U.S. unemployment insurance (UI) is the primary system that provides income support to

eligible unemployed individuals and their families. Yet, both historically and today, many

unemployed workers do not qualify for benefits, with ineligibility disproportionately common

among the more economically disadvantaged.1 Intended to help address such deficiencies —

which came to the fore during the Covid-19 Pandemic — the 2020 temporary Pandemic

Unemployment Assistance (PUA) program constituted the largest federal expansion to eligi-

bility in the history of the program, with PUA cases quickly accounting for over 40 percent

of total claims (Ganong et al., 2022). The successes of the PUA and other pandemic-related

temporary UI expansions have renewed calls for converting UI to a fully federal system with

less stringent eligibility criteria (e.g., Dube (2021)). While there is much evidence on how

benefit levels impact myriad outcomes for those who receive them, little is known about the

ramifications of extending UI to a group of ineligible (and typically poorer) households.

This paper investigates the benefits of expanding UI eligibility by turning to an over-

looked program that functioned similarly for three and a half decades, but which also largely

targeted families of the UI-ineligible unemployed. In 1961 Congress authorized states to

pay Aid to Families with Dependent Children (AFDC) benefits — the primary 20th century

cash public assistance program for poor single parent families — to two-parent families if

the “main breadwinner” was unemployed. AFDC-Unemployed Parent (AFDC-UP) eligibil-

ity required the principle household earner to be currently unemployed, have a minimum

work and earnings history, and be actively seeking employment, which are all central tenets

of UI eligibility. At the same time, surveys of early recipients (Bureau of Family Services,

1962) and the results in this paper indicate that AFDC-UP largely provided benefits to the

1The Fraction of Insured Unemployment (FUI) – or average fraction of unemployed workers who are weekly
insured for UI – declined from roughly 49 percent in 1960 (Carter et al., 2006, series Ba485; Bf485) to 28
percent in 2019 (U.S. Department of Labor, 2019; Edwards and Smith, 2020). Even as statutory coverage
expanded markedly over this period to nearly 100 percent of the workforce, stricter requirements on earnings
and work history has meant that a lower fraction of those working in covered employment are eligible for
benefits (Blaustein et al., 1993; Baicker et al., 1998). In addition to the positive correlation between UI
eligibility, recipiency, and income, recent evidence also points to lower UI eligibility and recipiency among
black individuals (Kuka and Stuart, 2021; Skandalis et al., 2022).
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families of workers who were UI-ineligible. Envisioned as a program to encourage stability

among poor two-parent families (Lansdale, 1967), the key eligibility differences between the

two programs are that AFDC-UP was also contingent on having minor children and was

means tested.

The outcomes I focus on relate to two-parent family structure. Economic models predict

that AFDC-UP should reduce incentives for couples with children to separate during unem-

ployment spells (e.g., Becker, 1981).2 In light of the well-established empirical association

between unemployment and divorce or separation (Charles and Stephens, 2004; Doiron and

Mendolia, 2012; Eliason, 2012; Lindo et al., 2022), this paper conceptualizes the benefits of

AFDC-UP as helping to mitigate separation that would have occurred absent the program.

Because evidence of such responses would implicitly represent an increase in household wel-

fare during unemployment under the choice to remain in a union, the results in this paper

also serve as indirect tests of the degree to which expanding UI eligibility would increase

household welfare.

The empirical analysis is based primarily on pooled Current Population Survey Annual

Social and Economic Supplement (CPS-ASEC) repeated cross-sections between 1977-1988.

The CPS-ASEC contains measures of current and prior-year unemployment and unemploy-

ment duration, prior year earnings and program participation, and current measures of

family structure. Given that recent or current unemployment spells and recent earnings of

household heads are both necessary for assigning AFDC-UP eligibility, the cross-sectional

nature of the CPS requires focusing on family structure responses among men.3 The primary

2Specifically, AFDC-UP removed the incentive for children and mothers to respond to unemployment by
pursuing benefits under the traditional AFDC program, eligibility for which was contingent on being both
poor and residing in a single parent household. Through helping to mitigate earnings losses during un-
employment (Jacobson et al., 1993; Ganong and Noel, 2019), AFDC-UP may also have reduced stressors
shown to correlate both with job loss and with separation (Kuhn et al., 2009; Deb et al., 2011; Black et al.,
2015). The existence of such effects would be consistent with a growing literature documenting the positive
effects of UI for consumption smoothing (Gruber and Madrian, 1997; East and Kuka, 2015), well-being
(Eliason and Storrie, 2009; Kuhn et al., 2009; Sullivan and Von Wachter, 2009; Deb et al., 2011; Classen
and Dunn, 2012; Black et al., 2015), and, in a particularly closely related paper, for preventing separation
(Lindo et al., 2022).

3Specifically, I cannot observe former spouses of currently or recently unemployed men who have separated
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sample begins in 1977 because most states are not identifiable in the CPS in earlier years

and ends in 1988 because the Family Support Act (FSA) of 1988 mandated all states adopt

the program. Additional analyses leverage a restricted sample of states as early as 1968.

AFDC-UP’s optionality before 1988 motivates the difference in differences research de-

sign that compares measures of program participation and family structure between recently

or currently unemployed versus employed men (first difference) and in AFDC-UP versus

non-AFDC-UP states (second difference). The analysis effectively estimates short-run re-

sponsiveness to unemployment (within roughly 15 months). Among ever-married men, I test

for differences in probabilities of being currently married; divorced, separated, or reporting

spousal absence (henceforth together referred to as “separated”); living with one’s own minor

child(ren); and living with one’s own minor child(ren) and their mother (henceforth referred

to as “cohabitation”).4 Due to difficulty in ascertaining rules over income and asset eligibility

tests (which vary both across states and over time), I take a straightforward approach and

conduct analyses separately by tercile of the previous year’s income, expecting both welfare

receipt and family structure to respond primarily in the lowest income tercile.5

The primary empirical specification produces two interpretable coefficients per outcome:

the association of unemployment with family structure in control states and the protective-

ness of AFDC-UP against unemployment-associated family dissolution. I derive identifica-

tion conditions of Average Treatment Effects on the Treated (ATTs) that require equality

between average untreated potential outcomes across AFDC-UP and non-AFDC-UP states,

and then use comparisons in the middle and upper terciles (where AFDC-UP is largely un-

(and are therefore recorded as living in a separate household), although short short-term effects of AFDC-
UP on separation among men must translate into similar effects for women (Moffitt, 1992). While the
share of two parent families headed by women increased over the period, roughly 90 percent of AFDC-UP
households between 1977-1988 were headed by men (as determined in the CPS-ASEC).

4Cohabitation is of central interest because, as emphasized by Winkler (1995) and Moffitt et al. (1998), the
eligibility conditions for AFDC-UP relating to family structure considered whether both natural or adoptive
parents of the child were in the home, not whether the parents were married.

5Because the interest lies in comparing men who have similar full time earnings, I use the Least Absolute
Shrinkage and Selection Operator (LASSO) to predict “potential” earnings from men who worked 52 weeks
in the previous year (described further in Section II).
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available) as tests of these assumptions. I also investigate a different empirical strategy that

leverages a Doubly Robust estimator (Mercatanti and Li, 2014) to re-weight men in control

groups to resemble their treated counterparts.

The results confirm that unemployment is associated with a large, heightened risk of

separation in the short-term, with the preferred estimate in the lowest income tercile of 12

percentage points constituting a 57 percent increase relative to rates among lower income

employed men in non-AFDC-UP states. The results also provide novel evidence that such

associations are present across the income distribution, are present when examining whether

men cohabit or live with children, and are increasing in unemployment duration.

Among lower income unemployed men and their families, state AFDC-UP variation

strongly predicts reported welfare receipt. AFDC-UP’s potential to encourage two-parent

families partly stems from the fact that recipients gained categorical eligibility for Medicaid

and food stamps. This not only expanded the set of families statutorily eligibility for these

programs, but also likely reduced the type of non-pecuniary costs shown to influence par-

ticipation in transfer programs across different contexts (Rossin-Slater, 2013; Armour, 2018;

Finkelstein and Notowidigdo, 2019; Deshpande and Li, 2019; Herd and Moynihan, 2019).

Further results show that Medicaid undoes roughly 80 percent of the health insurance cover-

age loss associated with long-term unemployment, that the average cash value of food stamps

is in excess of 30 percent of the average AFDC-UP benefit, and that the total value of bene-

fits inclusive of program interactions replaced upwards of 60 percent of previous wages. The

results also show that most AFDC-UP recipients did not also receive UI benefits and that,

while there were some families who received both, there is little evidence of disproportionate

UI access among the non-welfare receiving poor unemployed.

Turning to family structure, the results routinely indicate that AFDC-UP meaning-

fully contributed to two-parent family stability, with preferred estimates of protectiveness

of around 50 percent of unemployment-associated separation and all of unemployment-

associated changes in cohabitation. AFDC-UP disproportionately provided benefits to the
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families of the long-term unemployed (greater than 6 months) — families in a particularly

high marginal utility state of the world (Ganong and Noel, 2019) — and additional results

show that both recipiency and the protectiveness of AFDC-UP are increasing in unem-

ployment duration, reflecting the link between need, eligibility, and the family structure-

stabilizing effects of the program. The effects of AFDC-UP are present only in the lowest

tercile, are driven entirely by couples with children, and are generally robust to a variety

of additional sample restrictions, variable definitions, and specification choices. Using the

alternative Doubly Robust empirical strategy leads to similar estimates for AFDC-UPs pro-

tectiveness of cohabitation and higher estimates for separation.

Relative to the literature on UI’s income effects, this paper’s primary contribution is the

focus on extensive-margin eligibility under a UI-type program. Research in this area typically

leverages variation in intensive margin generosity by exploiting state-level measures of UI

average or maximum benefits (e.g., see Gruber and Madrian (1997); Hsu et al. (2018); Lindo

et al. (2022)). As noted by Moffitt (2003) in the context of AFDC, however, variation in

benefit levels across states that all operate a program makes extrapolations to zero inherently

speculative. Furthermore, higher UI benefits lead to higher recipiency (Blank and Card, 1991;

Anderson and Meyer, 1997) — conflating potentially distinct responses along each margin

— and UI maximums may also be less reflective of benefits received for poorer workers.

My geographic-based research design identifies responses only at the margin of eligibility,

while the targeting of the program also allows for new evidence on the ramifications of UI-

type benefits for a group less able to privately insure against adverse economic shocks.6

The effect sizes are close to what would be implied by Lindo et al. (2022) were average UI

benefits equal to average UI maximums, which is consistent both with high replacement

6The targeting of disadvantaged families under AFDC-UP also resembles the PUA, which was designed
to assist those ineligible for regular UI — primarily including the self-employed, those seeking part-time
employment, and individuals lacking sufficient work history — and disproportionately aided lower income
and marginally attached workers and their families (Ganong et al., 2022). Other differences between AFDC-
UP and UI concern benefit determination, which in general was not a function of previous earnings for
AFDC-UP (conditional on satisfying the means test) and contained functionally no limitations on length
of recipiency in most states (U.S. ASPE, 1996).
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rates when accounting for categorical eligibility and with the targeting of high marginal

utility households by AFDC-UP.

This paper also contributes to the large and often inconclusive literature on AFDC and

family structure (for reviews see Groeneveld et al., 1983; Moffitt, 1992, 1998, 2003). It is

particularly related to the much smaller strand studying AFDC-UP (Schram and Wiseman,

1988; Schultz, 1994; Winkler, 1995; Hoynes, 1997), which typically leverages cross-sectional

state-level designs and finds zero or positive effects of AFDC-UP on single motherhood. This

paper helps to clarify these findings by emphasizing that the incentives provided by AFDC-

UP affected family structure for a particular minority of families — those who are poor

and headed by men currently experiencing long-term unemployment — and by documenting

quite large effects only among this group. Apart from the greater need of the longer-term

unemployed and their families, the magnitudes are also consistent with theoretical predictions

that family structure should respond more to more permanent changes to welfare availability

(Rosenzweig, 1999; Moehling, 2007; Kearney, 2004) and with AFDC-UP providing “double

protection” by counteracting incentives under the traditional AFDC program for couples to

separate.

This paper is also related to a growing literature on the patchwork safety net. In one

regard, I emphasize the high degree of complementary between AFDC-UP and UI in provid-

ing protection against unemployment — particularly for the population of poor, two-parent

families — which closely mirrors the low degree of substitutability between UI and public

assistance today (Leung and O’leary, 2020).7 On the other hand, I also show the importance

of accounting for program interactions when inferring the overall transfer value of AFDC-

UP, and for public assistance programs more generally. These results indicate that ignoring

these interactions may produce misleading estimates of how family structure responds to a

7There is evidence of substitutability across other types of transfer programs, including between AFDC
and Supplemental Security (SSI) (Schmidt and Sevak, 2004; Goodman-Bacon and Schmidt, 2020), between
Social Security and Social Security Disability Insurance (SSDI) (Duggan et al., 2007), and between Social
Security and public assistance (Coe and Wu, 2014; Fetter and Pesner, 2021).
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particular transfer program.

Finally, this paper helps to inform long-run trends in separation and cohabitation and

how such trends have differed by the employment status of men. Figure 1, Panel A shows

marked increases in the share of ever-married men currently separated beginning in the 1970s,

a long-run increasing association between unemployment and separation since the early 20th

century, and a relatively steeper (age-adjusted) increase among those currently unemployed

since the 1960s.8 Panel B shows reverse trends in rates of cohabitation and a negative as-

sociation between unemployment and cohabitation, but also shows no recent increase in the

magnitude of the association before the 1990s.9 I show in Section VI that, while trends were

very similar among employed men in AFDC-UP and non-AFDC-UP states, differences by un-

employment status begin in the 1960s (after the implementation of AFDC-UP), are reduced

in the 1990s (after AFDC-UP ceased to exist), and are larger for cohabitation than separa-

tion. Taken together, the econometric results and patterns in separation and cohabitation

by employment and by AFDC-UP status strongly suggest that AFDC-UP helped mitigate

even larger increases in aggregate associations between unemployment and two-parent family

dissolution than observed since the 1960s.

8Data for Figure 1 come from 1 percent decennial census samples (Ruggles et al., 2023) and are restricted
to ever-married men ages 24-58 who are in the labor force, to match the primary analysis sample described
in Section II.

9Corresponding increases in nonmarital births and rates of single motherhood (Ventura and Bachrach, 2000;
Curtin and Martinez, 2014), and the general decoupling of marriage and motherhood, are well documented
(Bailey et al., 2013). Various explanations include the passage of unilateral divorce laws (Wolfers, 2006),
decreased labor market opportunities for men and increased labor market opportunities for women (Wilson,
1996; Weiss and Willis, 1997; Blau et al., 2000; Black et al., 2005; Wilson, 2012; Autor et al., 2019; Shenhav,
2021), the availability of contraceptive technology in the 1960s and the legalization of abortion in the
early 1970s (Akerlof et al., 1996; Goldin and Katz, 2002; Guldi, 2008; Bailey, 2010; Bailey et al., 2013),
increases in male incarceration (Charles and Luoh, 2010), and other shifts in the “price” of marriage
(Buckles et al., 2011) or marital dissolution (Goodman-Bacon and Cunningham, 2019). Kearney and
Wilson (2018) provide evidence that increased labor market opportunities for men affect fertility, but not
marriage. The increasingly stark relationship between unemployment and dissolution is a feature of U.S.
families documented by economists at least as early as Ross et al. (1975) and Becker et al. (1977).
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I Background and expected effects

I.A Brief history of AFDC-UP

The Social Security Act (SSA) of 1935 established the Aid to Dependent Children (ADC)

program, defining an eligible dependent child as one “deprived of parental support or care

by reason of the death, continued absence from the home, or physical or mental incapacity

of a parent.” Formed in response to the 1958 recession, the Advisory Council on Public

Assistance noted that such a definition “penalized” poor children living with two able-bodied

parents (U.S. Advisory Council on Public Assistance, 1960, p. 15) and recommended the

adoption of a new program for children of unemployed fathers, which Congress passed in

1961 (ADC-Unemployed Father). A second parent was allowed in benefit determination in

1962 and the name of the program was changed to Aid to Families with Dependent Children

(U.S. DHHS, 1998) to mark a commitment to the family unit (Wexler and Engel, 1999).

AFDC-UP remained optional until 1988, when the FSA mandated all remaining states adopt

the program by 1990, and all AFDC programs were subsequently replaced with Temporary

Assistance for Needy Families (TANF) in 1996. Henceforth I refer to the primary component

of AFDC for single parent families as “AFDC-basic” to distinguish it from AFDC-UP.

Figure 2, Panel A maps the states that ever adopted the program before the FSA, by era

of first-adoption. Of the 31 contiguous states that would ever adopt the program through

1988, 13 states adopted in the first year AFDC-UP was available (1961), another 13 states

adopted between 1962-1969, 4 states adopted between 1970-1976, and just 1 state adopted

for the first time after 1975 (South Carolina, in 1985).10

Figure 3 shows that the 1960s were characterized by a gradual and largely monotonic

decline in unemployment, even as AFDC-UP caseloads normalized per 1,000 cohabiting

couples rose quickly in the early 1960s due to adoption, and then remained relatively flat

10I partition first-time adoption years into these groups for the sake of interpretability. I use the term
first-time adoption because many states would drop and restart the program, a feature I discuss below in
Section II and further in Appendix B.
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until 1969.11 In contrast, the 1970s and 1980s were characterized by multiple recessions

and lingering elevated unemployment, and caseloads track the unemployment rate quite

closely. Alternatively, Figure A.1 shows that caseloads spike during each recession (classified

according to the National Bureau of Economic Research) beginning with the recession of

1969, achieving a pre-FSA maximum of over 300,000 cases and 1.3 million recipients in

March of 1984. In 1980, the last year for which I have found spending information, total

expenditure was roughly $5 billion in 2019 dollars (Bureau of Public Assistance, 1980).

I.B AFDC-UP as a complement to UI

The name of AFDC-UP suggests its use as a form of unemployment insurance, while the

time series’ in Figure 3 and the similarity of requirements to those of UI support this view.

Under the original 1961 act, states were required to deny assistance if an unemployed parent

refused to accept work without “good cause” (U.S. DHHS, 1998). 1971 federal guidelines

specified that a parent must work fewer than 100 hours in a month to be considered eligible.12

Furthermore, the “principle earner” must have worked for 6 of any 13-quarter period ending

within a year before application or have received or been eligible for UI within the year before,

with quarters defined as those with at least $50 of earnings (U.S. ASPE, 1996 p. 396).13

Workers similarly qualify for UI when they have lost a job through no fault of their own,

are available to work and are actively seeking work, and obtained above a specified level of

earnings in covered employment during the “reference period” (typically 4 of the 5 quarters

preceding the claim). UI benefits statutorily replace 50 percent of covered earnings in most

11The series’ are restricted to households in which there is only one such couple. I measure cohabiting
couples in the CPS-ASEC beginning in 1968 — the first year that the age of the youngest child in the
household was collected — and also present a series using decennial censuses beginning in 1960 and linear
interpolations in intercensal years.

12This constraint was relaxed if the work was considered temporary or intermittent, in which case they must
have worked less than 100 hours in the two preceding months and “expect” to also work fewer than 100
hours in the next month (U.S. ASPE, 1996 p. 395).

13At State option, elementary or secondary school attendance, vocational or technical training, or partici-
pation in a job training program may have substituted for up to 4 of the 6 required quarters of work.
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states subject to minimum and maximum monthly amounts, which leads to significantly

lower average replacement rates (East and Kuka, 2015). The majority of states have a

maximum duration of 26 weeks.14

UI has remained unavailable to a large fraction of unemployed worker since its creation

as part of the SSA. This was by design; President Roosevelt’s Committee on Economic

Security did not assume UI could “adequately handle the entire unemployment problem”,

instead arguing it was “but a complementary part of an adequate program for protection

against the hazards of unemployment and that public-work programs and the ‘modernization’

of public assistance programs were also essential” (Cohen, 1960, pp. 311-312). Figure 4,

Panel A shows that the unemployment rate sat well above the fraction of the labor force

weekly insured under UI (defined as the average number weekly insured for UI benefits as

a share of the labor force) between 1948 and 2000. Panel B shows the Fraction of Insured

Unemployment (FIU; Blank and Card (1991)), which is the average weekly number of UI-

insured workers as a share of the total number of unemployed workers, or ratio of lines in

Panel A. Even as statutory coverage of workers increased markedly in the 1970s — from less

than 60 percent to close to 90 percent (Price, 1985) — the FIU continued a broad trend of

decline.15

AFDC-UP largely targeted a population ineligible for UI. Of the original recipient cohorts

in the early 1960s, roughly 70 percent had not received UI nor had pending UI applications

(Bureau of Family Services, 1962, p. 8). Of the remaining, 19 percent had already claimed

14See Blaustein et al. (1993) pp. 278-282 for a useful discussion of changes to state qualifications regarding
prior work. Of particular relevance to this paper, fourteen states provided additional allowances for de-
pendent children, although the amount was generally $30 or less per week (U.S. Department of Health and
Human Services , DHHS). Since 1970, there have also been automatic federal extensions of UI for states
when the covered unemployed rate exceed statutory thresholds.

15There are three distinct eras. A precipitous decline occurred in the early 1960s — widely believed to be the
result of changing demographics of the labor force (Blaustein et al., 1993) — and then again in the early
1980s. This latter decline resulted in large part from statutory changes leading to increased qualifying
requirements, stricter disqualification rules, and more restrictive extended UI benefits (Blaustein et al.,
1993), while others have argued the 1980s FIU decline is entirely due to declining take up (Blank and
Card, 1991).
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and 12 percent were currently claiming.16 Consistent with the idea that both programs

were complementary, a report on the 1958 recession found that unskilled laborers were

much more likely to be unemployed relative to skilled and semi-skilled workers, had longer

unemployment spells, were less likely to receive UI, and were less likely to receive UI for the

entire duration of their unemployment conditional on receiving it (Cohen et al., 1960, p. 31).

In more modern settings, research also suggests that UI and public assistance are largely

complementary programs that target distinct populations (Leung and O’leary, 2020).

One primary difference between UI and AFDC-UP is the lack of a maximum duration

under the latter. In 1973, for example, in 40 percent of recipient families the father had

been currently unemployed for longer than 6 months, and of these another 50 percent had

been unemployed for over one year (U.S. NCSS, 1975b p. 34).17 Indeed, as argued in the

introduction, the apparent disproportionate targeting of the long-term unemployed, and the

high insurance value that access to AFDC-UP benefits in such a state of the world provides,

is a central explanation for why AFDC-UP is expected to provide meaningful protection

against unemployment-associated family dissolution.

In sum, AFDC-UP worked similarly to UI and appears to have largely affected a UI-

ineligible population. Nevertheless, it is important to note that there was some degree of

substitutability between the programs. As already noted, roughly 30 percent of the original

cohorts had received or were awaiting UI benefits. Furthermore, the rise in AFDC-UP

caseloads during the early 1980s recessions (Figure 3) appears to be beyond what would

have occurred absent the tighter UI eligibility conditions imposed around that time.18 As

16It is impossible to know whether the original recipients were ineligible or were eligible but did not apply,
as well as whether ineligibility was due to working in uncovered jobs or due to insufficient history. Given
the near ubiquity of UI coverage in later years and contemporaneous declining rates of recipiency, it is
probably the case that most AFDC-UP recipients worked in covered employment but did not satisfy the
earnings or work requirements for eligibility.

17States experimented in the 1990s with time limits on eligibility and, as of February 1996, 12 States had such
restrictions (U.S. ASPE, 1996 p. 395). None of these states are “treated” under the primary definition.
While the average AFDC-UP duration is longer than the average UI duration, it is also much shorter than
the basic program. In 1983, for example, the majority of families enrolled in AFDC-basic were in the midst
of spells that lasted over 8 years (U.S. ASPE, 1985).

18The 1979-1985 percent change in the overall unemployment rate was 23 percent as compared to the percent
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such, the rise in caseloads may reflect program substitution to some extent, and suggests

the degree to which the programs acted as substitutes or complements is best determined

by empirical evidence.

I.C Expected effects of AFDC-UP on family structure

The idea that rising welfare participation drove historical increases in rates of single mother-

hood has a long history in public discourse, exemplified through a 1960 report on ADC and

“illegitimacy” prepared by the Bureau of Public Assistance (Bureau of Public Assistance,

1960, p. 1).19 Upon signing AFDC-UP into law, President Kennedy reaffirmed this position

in a 1961 address to Congress, stating “too many fathers, unable to support their families,

have resorted to real or pretended desertion to qualify their children for help.” (Kennedy,

1977).

Neoclassical economic models generally support these assertions for the AFDC-basic

program (Becker, 1981; Moffitt, 1998) and are also largely unambiguous in their prediction

that AFDC-UP should provide protection against unemployment-associated separation. In

the context of household bargaining models, AFDC-UP provides protectiveness by effectively

increasing men’s relative wages during unemployment (Lundberg and Pollak, 1996; Willis,

1999), which is consistent with evidence that declines in relative wages increase separation

in a variety of settings (Wilson, 2012; Bertrand et al., 2015; Autor et al., 2019; Shenhav,

2021).20 Central to the value of AFDC-UP is the insurance it provides against unemployment

consumption risk, particularly for households experiencing long-term unemployment. These

effects may be quite large; for example, decreased expenditure risk after the introduction

change in caseloads per thousand cohabiting couple, which was 129 percent (Figure 3).

19Murray (1984) is a prominent advocate of this idea in the academic sphere and wrote particularly about
black families, although his research has been subject to stark and enduring critique (e.g., see McLanahan
et al. (1985) and the research summarized therein). In part because AFDC-UP did not disproportionately
aid black families as in the AFDC-basic program (Hoynes, 1996 Table 1) and in part due to sample size
limitations, this paper emphasizes trends by income, rather than race.

20Similar to Autor et al. (2019), I cannot distinguish between the potentially distinct effects of AFDC-UP
protecting against a fall in absolute family income from a fall in the relative wages of husbands to wives.
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of elderly public health insurance (Medicare) four years after AFDC-UP may alone have

covered 40 percent of its cost (Finkelstein and McKnight, 2008).

The targeting of poor two-parent families under AFDC-UP also provided “double” pro-

tection against separation in the sense that, absent the program, one outside option would

be for children and mothers to go on the AFDC-basic program if they formed a single parent

household. At the same time, we would still expect the benefits of AFDC-UP to prevent

separation in a state of the world without the basic program. This is because, apart from

income loss, job loss is associated with various indicators of stress that are also associated

with separation, including increased risky behavior (Black et al., 2015; Deb et al., 2011) and

increased prevalence of mental health conditions (Kuhn et al., 2009).

Through changing the definition of a dependent child “deserving” of benefits, AFDC-

UP constituted one of the largest changes to extensive margin transfer income eligibility

since the creation of ADC.21 Relative to the introduction of ADC, the implementation of

AFDC-UP is useful in part because it occurred in a more data-rich period, which allows

likely-impacted families to be classified and observed.22 The relative permanence in the

geographic variation of AFDC-UP is another useful feature of the policy environment, given

that behavioral responses to public assistance are likely driven by large perceived changes

in benefits (Rosenzweig, 1999; Moehling, 2007; Kearney, 2004) and family structure takes

time to respond to statutory changes in welfare incentives (Moffitt, 1998).23 This stands in

contrast to research on the AFDC-basic program, which has largely focused on cross-sectional

21Goodman-Bacon and Cunningham (2019) show that access to legal services in the early 1960s effectively
increased AFDC recipiency (absent statutory changes in eligibility) and led to increased rates of divorce
and nonmarital births.

22By 1948 all states had an AFDC program save for NV, well before intercensal microdata containing
information on family structure is available.

23Prior to AFDC-UP, two parent impoverished families could only receive assistance from state and locally
financed General Assistance (GA) programs in some states and specific cases. GA excluded any families
that contained an “employable person” in 15 states in 1959 and 18 states in 1969 (Bureau of Public
Assistance, 1959, 1969). In the remaining states, eligibility was often left up to local discretion and
was “not available in most communities to those unemployed who exhaust their unemployment insurance
benefits” (Cohen, 1960 p. 311). Benefits were also sparse in relative terms (Bureau of Public Assistance,
1960) and “grossly inadequate” for those who received them.
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or year to year changes in benefit levels.24

The few papers studying the impact of AFDC-UP on family structure largely use cross-

sectional methodologies that parallel that of the early AFDC-basic literature (Schram and

Wiseman, 1988; Schultz, 1994; Winkler, 1995).25 Yet, because AFDC-UP caseloads correlate

strongly with unemployment (Figure 3), state-level associations between single motherhood

and AFDC-UP may be wrong-signed because the broader labor market environment masks

mitigating effects in state level aggregates. Thus, relative to prior research on AFDC-UP,

a central contribution of this paper is the use individual comparisons across employment

status in addition to comparisons between AFDC-UP adopting and non-adopting states.

Each of the above theoretical underpinning are amplified when considering that AFDC-

UP conferred categorical eligibility for Medicaid and food stamps. Apart from wage losses

during unemployment, many families also lose health insurance coverage, for which Medicaid

eligibility may prove vital protection. Previous research also emphasizes the consumption

smoothing benefits of food stamps (Gundersen and Ziliak, 2003) and ubiquity of food stamp

receipt among the AFDC population (Hoynes, 1996). In Section IV I estimate that the

combined value represented by the three programs is far above that from AFDC-UP alone.

With regard to the “outside” option of separation as a means for mothers and children

to receive benefits under the AFDC-basic program, the program interactions once again

strengthen the theoretical connection between AFDC-UP and two-parent family stability,

since AFDC-basic recipients were also eligible for Medicaid and food stamps.

24The literature has taken an interesting arc. Earlier research found largely mixed associations between
welfare generosity and single motherhood (Groeneveld et al., 1983), while the literature in the 1980s found
more of a consistent impact (Moffitt, 1992). Subsequent critiques and advocation for fixed effects to account
for state-specific factors influencing both welfare generosity and family structure (Ellwood and Bane, 1985;
Moffitt, 1994; Hoynes, 1997) led again to no consensus, in part because the state-level relationship between
public assistance generosity and family structure long-preceded the Post-1960s period (Moehling, 2007).

25Schram and Wiseman (1988) and Winkler (1995) studied the impact of AFDC-UP on single-motherhood in
1980 and 1987 cross-sections, respectively, and found either null or positive effects on single motherhood.
Using 1980 census data, Schultz (1994) found no effect of AFDC-UP on either single motherhood or
fertility. In the closest study to the present, Hoynes (1997) utilized individual-level data from the Panel
Study of Income Dynamics (PSID) from 1968-1989 and finds the expected negative relationship between
AFDC-UP availability and single motherhood for white women. For black women, the sign reverses, but
when AFDC-UP is interacted with state benefit amounts, the sign is as expected.
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In sum, economic theory suggests that AFDC-UP should protect against two-parent

family dissolution. While most of the aforementioned empirical evidence focuses on marital

status, this paper’s primary focus is on cohabitation and separation because the eligibil-

ity conditions for AFDC-UP relating to family structure considered whether both natural

or adoptive parents of the child were in the home, not whether the parents were married

(Winkler, 1995; Moffitt et al., 1998).26 At the same time, because couples with children are

very likely to be married and many states required AFDC-basic applicants to file for divorce

to receive benefits (Finman, 1971), I also consider the impact of AFDC-UP in promoting

marital stability.

II Data

The primary analysis sample is based on CPS-ASEC repeated cross-sections between 1977

and 1988. An additional sample described in Section VI extends the period back to 1968 for a

restricted set of states.27 A chief advantage of the CPS-ASEC is its availability much earlier

than most longitudinal surveys, allowing me to trace the impact of AFDC-UP on family

structure for up to two decades. Because both prior unemployment and previous earnings

are crucial for assigning AFDC-UP eligibility, the cross-sectional nature of the CPS-ASEC

requires me to focus analyses on family structure responses among men.

To construct the primary sample, I first keep men who are aged 24-58, are the head

of their household, do not live in group quarters or multi-family households, are classified

as wage and salary workers, worked non-zero weeks and report wage income in excess of

26In the early years of the program, this distinction may have been weaker, but was clarified after the King
V. Smith (1968) decision struck down so called “Man in the House Laws” (Bell, 1965) that restricted
AFDC benefits for families if a man was in the house, regardless of their biological or adoptive status with
regard to the children, and which existed almost exclusively in the South (Fuller, 2022).

27The sample begins in 1977 as that is the first year after 1967 that all states are identifiable in the CPS,
while it ends in 1988 because the FSA of 1988 mandated all states adopt AFDC-UP. Details of individually
identifiable and grouped states in the CPS between 1967-1976, as well as the creation of the restricted
sample ranging from 1968-1988, are described in Section VI and detailed in Appendix B.
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$1,000 in the prior year, and who report zero farm or business income in the prior year.28

The restriction on positive weeks worked and wage income is intended to proxy for having

sufficient work history to qualify for AFDC-UP. I further restrict the sample to men who also

live in households where no other adult is in the labor force (if they live with an adult), which

is largely motivated by the fact that mothers in AFDC-UP families work just 6.2 percent of

the time (Hoynes, 1996, Table 1).29 My preferred sample also restricts consideration to ever-

married men, to proxy for having children. On the other hand, because AFDC-UP impacted

the relative costs and benefits of cohabitation among natural or adoptive parents regardless

of marital status, I show that results are quite similar when including never-married men in

Appendix A.

II.A Defining unemployment spells

My preferred unemployment measure indicates whether individuals report being unemployed

for at least 6 months in the previous year or report current unemployment of at least 6

months. I focus on “long-term” unemployment because these families should be the most

likely to qualify for and receive AFDC-UP. I also focus on long-term unemployment because

these spells are associated with larger declines in income and consumption, various measures

of health deterioration, and larger increases in measures of stress (see Nichols et al. (2013) for

a review of this literature). I also include those currently unemployed longer than half a year

28I choose age 23 rather than 18 to focus on men who are more likely to have children, while I keep those
younger than 59 to reduce the likelihood of “planned” unemployment as a bridge between work and early
retirement under Social Security (available at age 62). I do not consider those with alternative sources of
income because it is not clear what type of income shock is represented by unemployment spells for these
families.

29This restriction is also motivated by the fact that families in which women are not working would be more
likely to view AFDC-basic as a plausible outside option, thus increasing the incentive to separate absent
AFDC-UP. In 1973, for example, less than 30 percent of mothers among all AFDC cases were in the labor
force, and less than 1/6 were currently employed (U.S. NCSS, 1975a). The restriction may also imply
lower “added worker” effects (Lundberg, 1985; Cullen and Gruber, 2000; Stephens Jr., 2002), which may
crowdout welfare recipiency.
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because long-term unemployment is a relatively rare event in the sample (Table 1).30 On

the other hand, comparisons of the gradients between unemployment duration and welfare

receipt, family structure stability, and the protectiveness of AFDC-UP serve as additional

checks on validity of the research design, and I therefore investigate heterogeneity by unem-

ployment duration in Section IV. In the primary analysis, I further drop men who are not

classified as long-term unemployed but who report some current or former unemployment,

to more clearly delineate those experiencing an unemployment spell in the window of obser-

vation from those who do not. Henceforth I refer to the preferred long-term unemployment

measure as “unemployment” unless otherwise noted.

II.B Estimating income terciles

Given variation in specific income and asset means tests both across states and over time

(e.g., see Hoynes (1996)), I take a straightforward approach and conduct analyses separately

by tercile of the previous year’s personal wage and salary income.31 Because the interest

lies in comparing men who have similar full time earnings, I predict “potential” earnings

from men who worked 52 weeks in the previous year (87.3 percent of the sample) using the

Least Absolute Shrinkage and Selection Operator (LASSO; Tibshirani, 1996), with the set

of possible predictors including fixed effects for age, race, educational attainment bins (less

than high school, high school, some college, and college or more), state, year, occupation,

and industry.32 To avoid comparing relatively wealthier individuals in poor states to poorer

30Because the CPS-ASEC occurs in March, these men spent some time unemployed in the previous year,
hence it is reasonable to expect questions regarding transfers in the previous year to reflect such spells.

31I use personal wage and salary income rather than household income because the former tracks individuals
regardless of the household they are in, whereas the latter does not include income of people who no-longer
live in the household. Because I examine the heads of household, condition on no farm or business income,
and also condition on no other adults in the labor market, these measures are closely related (correlation
of 0.83). I choose to partition into terciles because both unemployment and family dissolution are rare
events. Finer quantiles tends to produce consistent but less precise and monotonic results over the income
distribution.

32I use the square-root LASSO (Belloni et al., 2011), which does not require knowledge of the standard
deviation of the error term, but also show that results using the Extended Bayesian Information Criteria
(Chen and Chen, 2008) or linear regression are similar in Appendix A. Pairwise correlations across the
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individuals in wealthier states and to account for differential price changes across space, I

estimate terciles separately by state and year.

II.C State AFDC-UP programs

Data on AFDC-UP caseloads by state and month come from the Department of Health

and Human Services (DHHS).33 States varied in their timing of adoption (Figure 2) and

some dropped and re-started their programs, so I define whether a state has an AFDC-UP

program in a given calendar year by whether there were positive AFDC-UP caseloads in any

month. Figure B.1 shows the years that each state had the program in effect for states that

ever adopted by 1988.

Rather than parameterize the staggered initial roll out of the program, my preferred

AFDC-UP treatment measure (UP76
s(i)) indicates whether men reside in states that did or

did not have the program by 1977, and is therefore time-invariant. There are several reasons

to focus on a later period than the early 1960s. Perhaps most importantly, the absence of

intercensal microdata containing information on family structure, labor force participation

and work, and income and transfers in the 1950s complicates analyses in a window around

1961.34

I drop Alaska, Hawaii, and the District of Columbia, as well as Nevada (due to extreme

outlier rates of marriage and divorce). I further drop five additional states (Colorado, Maine,

predicted income measures range between 0.94 and 0.98.

33These data are available at:
https://www.acf.hhs.gov/ofa/resource/tanf-and-afdc-historical-case-data-pre-2012.

34Other reasons include the King V. Smith (1968) ruling (see footnote 26), which ensured that AFDC-UP is
the only AFDC policy relevant for two-parent families after that period; the temporary provision of AFDC-
UP through 1967, which may have impacted state adoption or otherwise affected legislative or individual
expectations regarding stability of the program; that the correlation between unemployment and caseloads
is not strong in the 1960s, with caseloads rising even as unemployment is falling; and that there is mostly
clustered early adoption, with not many states responding to the high unemployment environment of the
1970s with programs, indicating the presence of program is more likely to be exogenous in later years. I
do not attempt to leverage the FSA of 1988 because the legislation allowed for states that did not already
have AFDC-UP to offer benefits on a reduced basis, and caseloads did not increase proportionately. The
1990s also saw much experimentation with state welfare policies, which further complicates analyzing that
period.
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Oregon, South Carolina, and Utah), due to long periods in which they dropped the program

during the sample (three or more years). Finally, I treat an additional 5 states as always

or never having the program because of short-periods (two or less years) in which they did

not or did have provide AFDC-UP benefits, respectively. Further details are described in

Appendix B. The final sample consists of 42 states including 22 treated and 20 control states

and is mapped in Figure 2, Panel B.35 Although control states are disproportionately in the

South, I show in Section V that most of the central conclusions are unchanged by omitting

all states in the region.

II.D Program participation and family structure outcomes

The CPS began collecting information on welfare receipt as of the previous calendar year

in 1966, and the question pertains to the respondent themselves. AFDC-UP often, but not

always, payed benefits to support the father themselves, but household recipiency is the

relevant margin for household decisions such as separation. As such, I use as my preferred

welfare receipt measure whether the householder or spouse report welfare receipt in the prior

year, if there is a spouse present in the household.36 The CPS also collected information

on prior year receipt of other cash and in-kind government transfer programs of interest,

including UI (beginning in 1976) and Medicaid and food stamps (beginning in 1980). Sup-

plemental analyses for Medicaid and food stamps are therefore conducted on a restricted

sample ranging from 1980-1988. Food stamp recipiency is at the household level, and I sim-

ilarly construct a household-level Medicaid coverage variable indicating whether the head of

household or spouse was covered by Medicaid.37

35This definition also circumvents issues with timing of adoption in difference in differences designs (Callaway
and Sant’Anna, 2021; Goodman-Bacon, 2021). I define treatment as the first time a state adopts AFDC-
UP because of difficulties arising in interpreting coefficients where units are treated multiple times (Sandler
and Sandler, 2014).

36There are also some cases in which only children were eligible for benefits. Unfortunately, the universe for
this question is either age 14 or 15 and over, so I choose not to augment this measure with child recipiency.

37The use of a household Medicaid variable is largely irrelevant, as over 99 percent of the sample is classified
equivalently as the original variable.
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The primary family structure outcomes are currently separated, divorced, or reporting

spousal absence, currently married with spouse present, living with one’s own child(ren) un-

der age 18, and heterosexual cohabitation (defined by living with one’s own minor child(ren)

and the mother of at least one of these children). The analysis effectively examines how

family structure outcomes are related to recent long-term unemployment (measured within

the previous 15 months). There is good reason to think separation would respond within

this time frame, and thus that any protective effects of AFDC-UP would also be evident.

Lindo et al. (2022) find that divorces and separations respond within the first quarter after

job displacement, with little evidence of growing magnitudes over time, and Charles and

Stephens (2004) find that layoffs increase the divorce risk within 1-3 years, with smaller ef-

fects looking at a longer horizon. As an additional validity check, I also test for differences in

the probability of being married with no children, families for whom AFDC-UP should have

no effect. The within-state comparisons ensure that any state-year-specific differences in fer-

tility rates are captured, while the inclusion of age dummies in some analyses are intended

to account for differences in fertility by age.

II.E Summary statistics and balance

Table 1 shows summary statistics for the overall sample in column 1 and for each tercile

of the (predicted) income distribution in columns 2-4 (all monetary variables are in 2019

dollars). Family structure characteristics are largely similar across terciles, whereas there

is an expected negative gradient between income and educational attainment and home

ownership. Poorer individuals are also more likely to experience long-term unemployment

and to head families that receive welfare, receive food stamps, or are covered by Medicaid.

They are also more likely to receive UI, but less likely conditional on unemployment, and

are younger and less likely to be white.

While notable changes to family structure occurred between the introduction of AFDC-

UP in 1961 and the start of the primary sample period in 1977, I investigate balance between
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AFDC-UP and non-AFDC-UP states using the 1960 census 5 percent sample (Ruggles et

al., 2023) and the same restrictions as the primary analysis sample. Table 2 shows these

tests provide little evidence of differences in family structure, including no differences in

probabilities of being married, divorced, living with children under 18, or cohabiting with

children under 18. Men in AFDC-UP states marry for the first time around 1 year later, and

are roughly 3 percent less likely to have been married multiple times. Unsurprisingly given

that many control states are in the South, AFDC-UP states are whiter, richer, and more

educated, although expenses are also higher, with meaningful differences in annual rent and

a “cost of living” measure that includes the cost of electricity, gas, water, and fuel. Finally,

AFDC-UP states had higher UI recipiency (FIU) — largely due to differential industrial

composition — had higher UI maximums, higher ADC benefits per case, and similar ADC

recipiency rates per 1,000 women ages 15-54.

Most of these characteristics would be expected to mean a disproportionately larger fam-

ily structure response to unemployment in non-AFDC-UP states, biasing down the protec-

tiveness of AFDC-UP. Nevertheless, because men in these states are fundamentally different

on characteristics shown to affect or correlate with family structure, I investigate robustness

to propensity score weighting methods in Section IV and also show in Section V that results

are quite stable when dropping all men in the South.

III Empirical Strategy

The empirical analysis is motivated by a “no-timing” difference in differences research design

that compares unemployed men to those who are employed, in AFDC-UP states versus non-

AFDC-UP states, and separately by tercile of the income distribution. Due to the means-

tested nature of AFDC-UP, public assistance recipiency and measures of family stability

should respond primarily in the first tercile. I use this feature as a test of the identifying

assumptions underlying these models, which I describe further below.
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Consider the following simple difference in differences linear probability specification

estimated via Ordinary Least Squares:

yist = β1 × UNist + β2 × UP76
s(i) + β3 × UNist × UP76

s(i) + εist (1)

Where yist is the program participation or family structure outcome of interest for individual

i in state s and year t (program participation asked in t regards receipt in t − 1). There

are two coefficients of interest per regression: β̂1 measures the association between unem-

ployment and outcomes in non-AFDC-UP-adopting states, while β̂3 measures the effect of

unemployment in AFDC-UP states relative to this benchmark association. In other words, β̂3

represents the additional program participation and the protectiveness of AFDC-UP against

unemployment-associated family dissolution among recently or currently unemployed men

and their families in AFDC-UP states.

To understand the identifying assumptions necessary for β̂3 to estimate a causal effect

and what treatment effect it estimates under these assumptions, let yist(UP
76
s(i),UNist) denote

the potential outcomes for being exposed to AFDC-UP if unemployed (yist(1, 1)), exposed

to AFDC-UP if employed (yist(1, 0)), not exposed to AFDC-UP if unemployed (yist(0, 1)),

and not exposed to AFDC-UP if employed (yist(0, 0)). β̂3 mechanically estimates:

E[yist|UP76
s(i) = 1,UNist = 1]− E[yist|UP76

s(i) = 1,UNist = 0]

−
(
E[yist|UP76

s(i) = 0,UNist = 1]− E[yist|UP76
s(i) = 0,UNist = 0]

) (2)

In Appendix D I show that the above estimand is equivalent to the following expression:38

β̂3
p→ ATT − ATT ind +∆ATT ue +BS (3)

The first term represents one parameter of interest; the Average Treatment Effect on the

Treated (ATT) for unemployed individuals in AFDC-UP states. The second term represents

an indirect treatment effect that AFDC-UP may have on the families of currently employed

38This derivation draws heavily on Goodman-Bacon (2023).
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men — for example, through its insurance value — and is another parameter of interest.

∆ATT ue represents the difference in causal effects of unemployment on family structure

(not including the effect of AFDC-UP) for actually unemployed men in AFDC-UP and

non-AFDC-UP states, and BS is the mean difference in non-AFDC-UP, employed potential

outcomes between actually unemployed and employed workers in AFDC-UP states net the

same measure in non-AFDC-UP states, and is analogous to parallel trends in more canonical

difference in differences research designs that leverage timing.

The empirical analysis does not separately identify ATT and ATT ind. Assuming that

ATT ind = 0 would rule out any “spillover” effects of AFDC-UP on the families of household

heads observed employed. As mentioned above, this assumption may not be tenable in the

situation where households know they will have access to an income stream were the head to

become unemployed. However, given that the insurance value is one component of the effect

of AFDC-UP provision, the policy relevant parameter should include both direct (ATT ) and

indirect (ATT ind) effects.

Identification of ATT −ATT ind requires that ∆ATT ue and BS are both zero or sum to

zero. Focusing on the latter term first, I term the assumption that BS = 0 as the “bias

stability” assumption, which states that average un-treated potential outcomes can vary

across observed-unemployed and employed men, but this difference must be stable across

treated and control states. The assumption that ∆ATT ue = 0 states that the direct effect

of unemployment (i.e., excluding the effect of AFDC-UP) on outcomes must be the same

among unemployed men in AFDC-UP and non-AFDC-UP states. These assumptions are

not directly testable, but the assumption that they sum to zero can be indirectly tested by

examining whether unemployment impacts family structure differentially in AFDC-UP states

in higher terciles of the income distribution, where AFDC-UP is not meaningfully present

(i.e., where we expect ATT = ATT ind = 0). I also consider results using re-weighting

methods in Section IV that are identified off of different, conditional assumptions regarding

untreated potential outcomes.
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In practice, the primary analysis is based instead on variants of the following augmented

model:

yist = δst + γ1 × UNist + γ2 × UNist × UP76
s(i) +X′

istβ + εist (4)

Where the second term in specification (1) has been replaced with state-by-year fixed effects

(δst) and the model now allows for the inclusion of controls (Xist). This specification im-

poses weaker identifying assumptions than specification (1), which is comprised in part of

comparisons between unemployed and employed individuals across different states (within

treatment and control groups) and over time. In contrast, specification (4) limits these com-

parisons to be within state-year. In practice, I show in Appendix A that results using models

(1) and (4) are quite similar.

While my preferred specification omits additional controls, various robustness checks

include in Xist the individual’s race, fixed effects for educational attainment bins (less than

high school, high school, some college, and college or more), age fixed effects, and occupation

and industry fixed effects. In some specifications, Xist also includes the interaction of the

state-year UI maximum and unemployment status, or the interaction of the 1980 FIU and

unemployment status, as attempts to control for underlying differences in UI generosity or

eligibility. All regressions use household survey weights and cluster standard errors at the

state level.

IV Results

The primary results from specification (4) are shown separately by tercile in Table 3. Consis-

tent with prior research, unemployment is associated with increased rates of separation and

lower rates of marriage, while the results also provide novel evidence of a decline in cohabita-

tion as well. These effects are all large relative to sample means, are statistically significant

at conventional levels in the lowest income tercile, and are generally also present and simi-
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lar in magnitude at higher terciles (although less precise for some outcomes).39 Taking the

coefficient on separation in the lowest income tercile as illustrative of the magnitudes, the

association of 11.7 percentage points (p.p.; p-value< 0.01) relative to the (weighted) mean

among employed men in the control group (20.4 p.p.) implies a 57.1 percent increase in sep-

aration probabilities (60.2 percent relative to the sample mean). The separation associations

are similar to results from Charles and Stephens (2004), who find effects on unemployment

divorce hazards between roughly 18 and 30 percentage points.

Column 1 shows that welfare receipt is strongly related to the interaction of previous

unemployment and living in AFDC-UP states (18.5 p.p.; p-value< 0.01), constituting a

more than 300 percent increase in the probability of welfare receipt relative to unemployed

men in non-AFDC-UP states.40 While there are statistically significant impacts on welfare

participation in the middle and upper terciles, the coefficients are around 40 percent and 20

percent as large as in the lowest tercile, respectively.41

Turning to estimates of the Intent to Treat (ITT) effects, the wealth of evidence suggests

that the role AFDC-UP provided in mitigating unemployment-associated family dissolution

is quite large and only present in the lowest income tercile, strongly supporting the identi-

fying assumptions. Column 2 shows that AFDC-UP decreases the likelihood of separation

by 6 p.p. (p-value= 0.051), counteracting 0.061/0.117 or 52.1 percent of unemployment-

associated separation (p-value< 0.01 using the Delta Method). Results for married with

39In the middle tercile, the coefficient on cohabitation is statistically significant, but the coefficients on
separation and marriage are not. In the upper tercile, the coefficients on separation and marriage are
statistically significant, but the coefficient on cohabitation is not.

40The significant coefficient on welfare for unemployed men in non-AFDC-UP states likely reflects General
Assistance (see footnote 23), which is commonly referred to as welfare but did not have its own question.
It may also reflect some spouses (and children) who received AFDC-basic benefits if the couple had
temporarily separated but were re-united by the time of the interview.

41This is not surprising, since AFDC-UP recipients were often higher income relative to participants in the
AFDC-basic program (Hoynes, 1996). The presence of relative increases in welfare receipt in higher income
terciles may also be due to systematic over-estimation of potential wages for the unemployed in light of
evidence that wages begin declining before displacement (Jacobson et al., 1993). Indeed, if I assume that
wages are 20 percent lower than their predicted value among the unemployed (roughly the magnitude
found in Jacobson et al. (1993)), the coefficient on welfare receipt in the middle tercile is roughly half the
size and no longer significant and is largely unchanged in the upper tercile.
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spouse present (column 3) are similar.42 The separation results are remarkably close to

those of Lindo et al. (2022), whose estimates imply protectiveness of 52.4 percent against

heightened divorce and separation risk were average UI benefits to equal average UI maxi-

mums.43 Reassuringly, column 4 shows that results for being married with no children are

small and insignificant, suggesting that changes in marriage, separation, and cohabitation

are driven by couples with children.44 The impacts of AFDC-UP on cohabitation and living

with one’s own children (columns 5 and 6) are larger relative to the corresponding unemploy-

ment associations, indicating AFDC-UP fully counteracts the roughly 7 and 8 p.p reductions

associated with unemployment, respectively.

The large degree of protectiveness provided by AFDC-UP is consistent with descriptive

evidence contained in reports from six states that terminated AFDC-UP and tracked par-

ticipants, which found 12-28 percent of families become single-parent AFDC families (U.S.

General Accounting Office, 1988 p. 4). The Utah report further reveals that separation

rates were roughly 5 percentage points higher among former AFDC-UP participants after

the program was terminated (a roughly 70 percent increase), while around 40 percent of

respondents in Washington who separated stated that the unavailability of AFDC-UP con-

tributed to their decision (U.S. General Accounting Office, 1988 pp. 20-21).

While men in higher terciles also received AFDC-UP to a lesser extent, it appears that

family structure did not respond systematically to these benefits. This provides suggestive

evidence that AFDC-UP provided larger welfare gains to families who are poorer. Given

that AFDC-UP benefits were not subject to maximum durations and it is plausible that

more needy families received benefits for longer, the effective targeting of high-marginal-

42Because I condition on ever-married individuals, the only difference between these measures is widowhood,
although Figure A.4 shows that both separation and marriage results are similar when including never-
married men.

43I calculate this value by taking their implied effect of a $1 increase in UI maximums on divorce and
separation for men (0.000040), multiply by the average UI maximum ($334), and divide by the coefficient
on layoffs (0.0255).

44Interestingly, there also does not seem to be an effect of unemployment on marriage with no children across
all terciles, somewhat at odds with the findings from Lindo et al. (2022).
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utility states among poor households is likely a primary channel through which AFDC-UP

provided protection. I turn next to documenting this relationship explicitly through an

analysis of heterogeneity by unemployment duration.

IV.A Heterogeneity by unemployment duration

The analysis thus far has focused on long-term unemployment, which corresponds roughly

to the highest quartile of unemployment duration in the sample. The available evidence

indicates that AFDC-UP should be more prevalent for longer-term unemployed individuals,

while theory and evidence also indicates that longer-term unemployment corresponds with

greater declines in household welfare (Nichols et al., 2013; Ganong and Noel, 2019). To

test these hypotheses, I re-estimate the primary outcomes separately by quartile of the

unemployment-duration distribution (for the lower income tercile).45

The results are plotted in Figure 5. Panel A shows the expected monotonic relationship

between family welfare receipt and unemployment duration for families of men in AFDC-UP

states, with little evidence of any trend among those in non-adopting states. Panel B shows

heightened separation risk is associated with unemployment across quartiles of duration,

but is also largely increasing in duration (strictly so between quartiles two and four). In

contrast, the mitigating effects of AFDC-UP only begin to appear in the third quartile (not

significant), with the significant coefficient in the fourth quartile largely reproducing the

primary results of protectiveness. Panel C shows results for marriage are similar. Panel D

shows that the patterns for cohabitation are also monotonic in the expected direction, save

for the 2nd quartile, in which there is a puzzling decline in cohabitation. This anomaly is

45The quartiles of prior-year unemployment are 1-6, 7-12, 13-23, and 24-51 weeks. They are the same
weighted and unweighted. The quartiles of current unemployment duration are similar (1-5, 6-13, 14-21,
and 22 and above). For consistency, I use the bins defined by prior year unemployment, since these men
constitute the majority of all unemployment in the sample. These regressions are from samples that are
close, but not identical, to the primary sample. The only difference is that each drops those reporting
unemployment duration outside of the range corresponding to the relevant quartile, which is analogous to
dropping shorter unemployment durations in the primary sample and ensures the employed portion of the
control group does not change across samples.
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not present for living with minor children (Panel E).

These results provide additional evidence that AFDC-UP disproportionately targeted

the most needy households, and that family structure was also more likely to respond to

such benefits among these households. The literature also documents higher UI replacement

rates lead to higher consumption smoothing benefits (Gruber and Madrian, 1997; East and

Kuka, 2015). I turn next to showing that average AFDC-UP monthly replacement rates

(total value of benefits as a share of income) were also in excess of average UI replacement

rates when accounting for transfer program interactions.

IV.B Categorical eligibility for Medicaid and food stamps

One reason that AFDC-UP provides large protection may be because it conferred categorical

eligibility for food stamps and Medicaid, which increases the total value of benefits substan-

tially. Table 4 shows results for health insurance coverage, individual and joint receipt across

transfer programs, and additional outcomes (the sample begins in 1980, when these variables

are first recorded).46 Consistent with prior evidence (Gruber and Madrian, 1997; Schaller

and Stevens, 2015), column 1 shows that unemployment is associated with large and precise

losses in employer-provided group coverage across income terciles. Column 2 shows that

the families of unemployed men in AFDC-UP states are much more likely to be covered by

medicaid, with a close magnitude to that of welfare receipt (21 p.p.; p-value< 0.01), undoing

roughly 80 percent of the 27 p.p. coverage loss in the lowest tercile.47 These are largely

the same families; column 3 shows the coefficient on joint welfare receipt and Medicaid

coverage is 18 p.p.48 The coefficient on food stamps (column 4) is also positive, although

46Table A.2 shows results for the primary outcomes are similar when estimated only using data from 1980-
1988.

47In line with the primary results for welfare participation, AFDC-UP also precisely predicts lower increases
in Medicaid receipt in the middle tercile.

48It is unlikely these results are driven by differential state Medicaid policies per se, since AFDC receipt is
the most important determinant of Medicaid coverage in this period. The roughly 14 million Medicaid
recipients in AFDC families (basic and unemployed) in 1980 comprised over 90 percent of all Medicaid
recipients not categorically eligible due to age, disability, or blindness (Gornick et al., 1985). Further-
more, administrative information from 1973 indicates that 90 percent of AFDC families lost Medicaid
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much smaller (3 p.p.) and not precise. However, the great majority of welfare recipients

jointly received food stamps (column 5; 16 p.p.; p-value< 0.01) and the coefficient on jointly

receiving or being covered by the three programs is virtually identical (column 6; 16 p.p.;

p-value< 0.01).49

To quantify the total value of categorical eligibility, I consider monthly replacement rates

of previous earnings. While in-kind benefits may be valued above or below their equivalent

dollar cost (Currie and Gahvari, 2008), estimates of the willingness to pay for Medicaid

for childless adults cover a range including one (Finkelstein et al., 2019) and parents may

value each dollar of health expenditure for their children more. Because I do not observe

full-time earnings for unemployed men and the value of transfers in the CPS-ASEC is likely

attenuated (see Section IV.C), I consider average replacement rates using 1979 wages for full-

time earners with maximum educational attainment either less than or equal to a high school

degree using the 1980 5 percent census (Ruggles et al., 2023) combined with administrative

information on program spending per case or recipient in 1979 or close years, dividing annual

statistics by 12 (all below values are in 1979 dollars).50

Median 1979 full time monthly earnings among married men with children and less than

a high school degree was $1,150 ($1,478 for those with a high school degree). The 1979

AFDC-UP monthly benefit per family was $398 (Bureau of Public Assistance, 1979), the

value of food stamps per person was $31 (U.S. Department of Agriculture Food and Nutrition

Service , USDA), and the 1975 Medicaid benefit for each child was $26 and for each adult

when their cases were terminated (U.S. NCSS, 1975b p. 19.) even though family income may actually
fall after AFDC-UP termination (Hoynes, 1996). I find no evidence that income effects lead to higher
private health insurance as is the case for UI (Kuka, 2020), which is consistent both with broad access to
Medicaid crowding out some health insurance investment and with the fact that these families have very
low “discretionary” income.

49The much smaller effect for food stamp receipt alone is likely because this is the only program considered
where “need” is determined at the national level and non-AFDC-UP states were poorer (Table 2), which
should imply lower participation in AFDC-UP states absent differential welfare policy.

50I consider these education groups because, as Table 1 shows, almost 50 percent of men in the lowest income
tercile had less than a high school degree and around 90 percent had at most a high school degree.
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$51 ($24 and $47 in 1984, respectively; Gornick et al. (1985)).51 The average number of

kids per AFDC-UP case was roughly 2.5 (Bureau of Public Assistance, 1979). Summing the

AFDC-UP benefit, the food stamp benefit multiplied by 4.5, and Medicaid for 2 adults and

2.5 children implies a total value of $702, which is over 75 percent larger than the AFDC-UP

benefit alone and represents a replacement rate of between 47-61 percent depending on the

median wage. The replacement rate could be much higher for very low wage workers and may

also be a low estimate because AFDC recipients were also prioritized for housing assistance

(see Moffitt (1998) p. 52).52 These estimates are generally larger than for UI, which are

below 40 percent for individuals in some states (Kuka, 2020; Dube, 2021).53 Thus, apart

from disproportionate AFDC-UP receipt among families of the long-term unemployed, the

high benefit value relative to earnings is another primary explanation for the large degree of

protection provided by AFDC-UP.

IV.C Protectiveness per AFDC-UP case in the presence of mea-
surement error

I next consider implied effects per AFDC-UP case by scaling the reduced form family struc-

ture outcomes by the welfare participation coefficients (Wald estimates). Dividing the esti-

mate on separation by the probability of welfare receipt (-0.061/0.185) implies roughly 33

percent of individuals would have separated in the absence of AFDC-UP. Since the coefficient

on unemployment is 11.7 percent, this suggests a level of protectiveness per case far in excess

of 100 percent. For cohabitation, the impact is even larger. How can we rationalize these

magnitudes? One plausible explanation is the presence of significant measurement error

in the CPS-ASEC, which functions to attenuate recipiency estimates leading to positively

51Although Medicaid coverage is not equivalent to medical care usage, surveys in the 1960s and 1970s found
that 90 percent of families on welfare with Medicaid coverage also reported using Medicaid (Goodman-
Bacon, 2018).

52Downward trends in real transfers during this period suggest the replacement rates may have been higher
in earlier years, and lower towards the end of the sample period.

53High benefits relative to previous earnings for low income workers may be one reason why Hoynes (1996)
finds a sharp labor supply response to AFDC-UP.
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biased estimates per case.54

In Appendix C, I conduct a series of exercises to bound recipiency effects under plausible

assumptions regarding three sources of measurement error: systematic underreporting of

welfare receipt, missed welfare receipt in the first quarter of the current year, and error in

prior-year unemployment recall. The results suggest that each source of measurement error

functions to attenuate the estimated recipiency effects, biasing up estimates per case. A

simplistic aggregation across sources of measurement error implies that recipiency rates may

be upwards of 4 times larger than the estimates (around 90 p.p.) among the families of the

long-term unemployed in the lowest income tercile in AFDC-UP states, which is broadly

consistent with the actual size of the program. These results would be consistent with levels

of protectiveness per case that are around 60 percent for separation and indistinguishable

from 100 percent for cohabitation.

IV.D The interaction of AFDC-UP and UI

What does the empirical evidence reveal about the the degree of substitutability between

AFDC-UP and UI? Table 4, column 8 shows differentially more UI recipiency in AFDC-

UP states across income terciles. In the lowest tercile, the effect of 12 p.p. is roughly 60

percent the size of welfare participation. This may be because AFDC-UP states provide

more generous UI benefits and higher UI benefit levels increase take up (Blank and Card,

1991; Anderson and Meyer, 1997), although differential UI receipt is likely in part also due

to differences in the composition of the workforce (see the comparisons of UI maximums

and the 1960 FIU in Table 2). The ratios of the coefficients on welfare and UI participa-

tion relative to those who are unemployed in non-AFDC-UP states, over 300 percent and

roughly 25 percent, respectively, strongly suggest that the results are not being driven by

54Because the derivation of Section III shows that coefficient estimates are comprised of direct effects on
the unemployed in AFDC-UP states net any indirect effects on those currently employed, this point is
strengthened if such indirect effects exist. At the same time, the presence of such indirect effects suggests
that measures of protectiveness per case may not be a policy-relevant treatment effect, particularly since
the number of families headed by employed men for whom such indirect effects exist is not measured.

31



differential UI receipt. Perhaps more importantly, the majority of these recipients also re-

ceived welfare (column 9), so that AFDC-UP functioned to “extend” UI benefits.55 Indeed,

column 11 shows that UI receipt conditional on no welfare receipt is much less common and

not statistically distinguishable from zero. Because I do not model the length of AFDC-UP

recipiency, I do not attempt to separate joint or consecutive recipiency of AFDC-UP and UI

in interpreting the magnitude of the results, but only note that it was part of the suite of

benefits provided. Moreover, I show in Figures A.3-A.6 that none of the central conclusions

are changed when controlling directly for either the UI maximum or the 1980 FIU interacted

with unemployment status.

IV.E Doubly Robust estimates

The unconditional identifying assumption in Section III regarding ATT ue and BS summing

to zero may not be tenable a priori, given evidence of imbalance between AFDC-UP and non-

AFDC-UP states in pre-treatment characteristics (Table 2). Furthermore, the geographic

concentration of the early 1980s recession in regions more likely to have AFDC-UP (the Mid-

west, East South Central, and Western census divisions (Stuart, 2022)), which may confound

estimates because layoffs are better predictors of divorce than plant closings (Charles and

Stephens, 2004). While I present evidence in Section V that controlling for fixed effects for

every occupation and industry in the sample does not change any of the central conclusions

presented thus far, I investigate robustness to a different estimation strategy that uses re-

weighting methods to assign higher weights to unemployed men in control states who more

closely resemble unemployed men in AFDC-UP states. I then compare this estimate to a

similarly re-weighted estimate of the effect of unemployment by weighting employed men in

control states to more closely resemble unemployed men in these states. These estimates

are identified under two unconfoundedness assumptions in place of BS = 0, but still require

55These findings complement those of Rothstein and Valletta (2017), who study a period after AFDC-UP
ceased to exit and find that public assistance receipt does not increase significantly after UI benefits are
exhausted.
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ATT ue = 0 (i.e., that the (re-weighted) effect of unemployment on family structure is the

same in treated and control states).56

I leverage recently developed Doubly Robust (DR) estimators, which yield consistent

estimates if either the Outcome Regression (OR) or the propensity score is miss-specified

(but not both). Following the notation in Section III, I employ the DR ATT estimator

proposed by Mercatanti and Li (2014), estimating the following among unemployed men:

ÂTT
UP

=
1

NUN
1

N∑
i=1

yistUP
76
s(i)

− 1

NUN
1

N∑
i=1

yist(1− UP76
s(i))p̂

UP(Xist) + µ̂UN
0 (Xist)(UP

76
s(i) − p̂UP(Xist))

1− p̂UP(Xist)

(5)

Where NUN
1 denotes the number of unemployed men in AFDC-UP states in the sample,

p̂UP(Xist) are the propensity score estimates for receiving treatment (living in an AFDC-UP

state) among unemployed men, and µ̂UN
0 (Xist) are the predicted values from an OR estimated

only among unemployed men in control states of the form: yist = X′
istβ + εist. For both the

OR and the propensity score, covariates X′
ist include year fixed effects, race, industry fixed

effects, age fixed effects, and a metro dummy. I estimate the propensity score using a logistic

regression (Figure A.2, Panel A shows propensity score overlap for this group). Assuming

either the OR or the propensity score is correct,

ÂTT
UP p→ ATTUP ≡ E[yist(1, 1)− yist(0, 1)|UP76

s(i) = 1,UNist = 1] (6)

I also consider a similar formula for estimating the effect of unemployment in control

states, re-weighting employed men to resemble unemployed men. The estimator is the fol-

lowing, applied among men in control states :

56Formally, for the DR estimator given by (5) the unconfoundedness assumption is yist(1, 1), yist(0, 1) ⊥⊥
UP76

s(i)|Xist and for the DR estimator given by (7) the unconfoundedness assumption is yist(0, 1), yist(0, 0) ⊥
⊥ UNist|Xist.

33



ÂTT
UN

=
1

NUN
0

N∑
i=1

yistUNist

− 1

NUN
0

N∑
i=1

yist(1− UNist)p̂
UN(Xist) + µ̂EMP

0 (Xist)(UNist − p̂UN(Xist))

1− p̂UN(Xist)

(7)

Where NUN
0 denotes the number of unemployed men in non-AFDC-UP states, p̂UN(Xist) are

the propensity score estimates for being unemployed among men living in control states, and

µ̂EMP
0 (Xist) are the predicted values from OR models estimated only among employed men

in control states (of the same form as above). Figure A.2, Panel B shows propensity score

overlap for this group. Again assuming either the OR or the propensity score is correct,

ÂTT
UN p→ ATTUN ≡ E[yist(0, 1)− yist(0, 0)|UP76

s(i) = 0,UNist = 1] (8)

To mirror the prior, fully parametric analysis, I consider the impact of AFDC-UP in mit-

igating unemployment-associated family dissolution as ÂTT
UP

and the protectiveness of

AFDC-UP as ÂTT
UP/

ÂTT
UN

.

The results from this procedure are shown in Table 5, where terciles 2 and 3 are pooled.57

The estimates of ÂTT
UP

in the lower tercile show precise impacts on welfare receipt, separa-

tion, marriage, and living with children of comparable magnitudes to the prior results, and

an effect on cohabitation of roughly half the magnitude (4 p.p.; p-value=0.124). The magni-

tudes for the effect of unemployment are all precise and relatively reduced, particularly for

separation and marriage, so that measures of protectiveness are higher for these outcomes

(not distinguishable from 100 percent). Again, all results are driven by couples with chil-

dren. There is little systematic evidence of any family structure response to AFDC-UP in

the middle and upper income terciles.

Taken together, these results indicate that the general patterns of protectiveness found for

AFDC-UP are not due to differential pre-treatment characteristics of men residing in treated

57I pool these terciles due to low rates of long-term unemployment and many empty cells when attempting
to estimate the propensity score in the upper tercile alone.
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versus non-treated states or to any systematic differences in the type of unemployment (e.g.,

voluntary versus mass layoff). If anything, the DR estimates strengthen the relationship

between AFDC-UP and two-parent family structure stability among unemployed men. I turn

next to providing a host of additional sensitivity checks, which all confirm these findings.

V Additional sensitivity checks, robustness, and

ruling out alternative explanations

V.A Dropping the South

A notable geographic pattern evident from Figure 2, Panel B is the concentration of control

states in the Southern Census region. In the lowest income tercile, about 70 percent of the

control group is in the South, compared with just 7 percent of the treatment group. The

1960s saw stark convergence in general fertility among Southern black women (Thompson,

2019), diverging trends in nonmarital fertility by mothers’ educational attainment (Bailey et

al., 2013), and strong regional variation in access to contraceptive technology (Bailey, 2010).

While these trends largely began earlier than the primary analysis period, a natural question

is whether families in the South form a valid control group.

Reassuringly, Table A.3 shows that results dropping the South are quite similar. All

unemployment coefficients for family structure are close in magnitude to the primary results

and are significant at the 1 percent. The effect of AFDC-UP on welfare receipt is slightly

smaller (14 p.p.) and AFDC-UP is similarly protective against cohabitation (p-value<0.01),

living with children (p-value=0.038), and marriage (p-value=0.067). For separation, the

degree of protectiveness is slightly lower and not precise (p-value=0.252). Taken together,

there is little evidence that results are driven by differential trends in family structure or

differential responsiveness of family structure to unemployment in the South.

35



V.B Pre-AFDC-UP comparisons in the 1960 Census

I also consider whether the preferred AFDC-UP variation implies protectiveness in the 1960

Census, before the implementation of AFDC-UP. While measures of family structure in 1960

are balanced across treated and non-treated states (Table 2), these results may mask hetero-

geneity by prior unemployment status. I use the sample for Table 2 (see Section II) and the

primary treatment definition. Because there is no question regarding prior unemployment,

I proxy for my preferred unemployment measure with having worked 26 weeks or less in

the previous year. To mirror the primary analysis, I also drop those currently or previously

unemployed for shorter durations.

The results for this exercise are shown in Table A.4. Consistent with the fact that no

states had no-fault divorce laws in 1960 (Wolfers, 2006) and divorce may not always be

the preference of both partners, the results indicate that unemployment is associated with

much smaller increases (decreases) in separation (marriage) but is similarly associated with

cohabitation and living with one’s own children. The results also suggest that families of the

unemployed in AFDC-UP states were more likely to dissolve in response to job loss. The

AFDC-UP coefficients on separation and marriage are statistically significant and positive

(negative), whereas the coefficients on cohabitation and living with one’s children are not

statistically distinguishable from zero (but are also opposite signed of the main results). This

may be explained by the fact that AFDC-UP states had more generous welfare benefits (Ta-

ble 2) and the long-standing correlation between single motherhood and welfare generosity

(Moehling, 2007); however, this cannot explain why coefficients at higher terciles are also

opposite signed and significant. If anything, these results reaffirm the importance of AFDC-

UP in contributing to diverging trends in family structure responsiveness to unemployment

across states that would and would not adopt AFDC-UP in the years to come.
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V.C Robustness to treatment definition, covariates, and specifi-
cation choice

Figures A.3-A.6 show that the coefficient magnitudes for welfare participation and the central

family structure outcomes are all similar when including controls for race, fixed effects for

age, and fixed effects for educational attainment bins (less than high school, high school,

some college, and college or more), and are all significant at conventional levels. Results are

also similar when including fixed effects for every occupation and industry represented in

the sample and are generally more precise, complementing the stability of the DR estimates

presented above. The figures also indicate that estimates of the more parsimonious model

given in specification (1) — which only includes as right hand side variables dummies for

AFDC-UP, unemployment, and their interaction — yields consistent results that are all

significant at conventional levels. Figures A.3-A.6 also show that results are robust to instead

using all 48 contiguous states and a treatment measure that reflects whether each state had

the program in each year (e.g., defined by Figure B.1). Finally, these figures show that

estimates using alternative methods to predict wage income for unemployed individuals, and

stratified by the corresponding income terciles formulated from these predicted values, are

comparable to the primary results.

V.D No-fault divorce laws

As a final validity check, I consider heterogeneity according to whether states had adopted

no-fault divorce laws, which allow individuals to file for divorce without the consent of their

spouse. Of the 42 states included in the primary sample, 23 had adopted no-fault divorce

laws before 1977 and 17 had yet to adopt such laws by 1988 (Friedberg, 1998; Wolfers, 2006).

Close to half (11) of the early no-fault divorce adopters are AFDC-UP states, whereas roughly

two thirds (11) of the late-adopters are AFDC-UP states.

The results are shown in Table A.5 separately for early and late no-fault divorce adopters.

The associations between unemployment and family structure are largely similar across both
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groups of states, with the marriage and divorce coefficients somewhat larger in early no-fault

states and the cohabitation coefficient larger among later adopters. The magnitudes of

AFDC-UP tend to mirror these differences, so that measures of protectiveness are simi-

lar. Many of the coefficients on unemployment and the interaction of unemployment and

AFDC-UP are statistically significant, while many others are not. There is some evidence

of uniformly more precise effects of AFDC-UP among earlier adopters, although small num-

bers of clusters in each sample complicates inference. Higher terciles show similar patterns as

before of some evidence of heightened welfare receipt but little evidence of differential fam-

ily structure responses. Taken together, there is perhaps some evidence that the presence

of no-fault divorce laws led to a greater association between two-parent family dissolution

and unemployment, but these laws cannot explain the degree of protectiveness found for

AFDC-UP.

VI Discussion: AFDC-UP and trends in family

structure by employment status

Figure 1 shows the long-run trend has been towards increasing rates of separation and

declining rates of cohabitation, while also showing steeper trends in age-adjusted rates of

separation among unemployed men. It is therefore reasonable to ask whether the increas-

ing association between unemployment and separation would have been even larger in the

absence of AFDC-UP, and whether the association of unemployment and noncohabitation

would not have stabilized around 1960. The primary motivation for beginning the sample

in 1977 is the availability of state identifiers; however, some states are identifiable in earlier

years — typically those with larger populations — and for some groups of states treatment

status is uniform within group. In Appendix B I describe the 12 states that adopted by 1968

or never adopted and which are also uniform in their adoption if they are part of a group.
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Figure B.2, Panel C maps the sample.58

I consider whether the effects of AFDC-UP are stable when examining this restricted set

of states between 1977-1988, and then test for stability of effects back to 1968. Because each

regression is conducted on small numbers of clusters (10), I provide bootstrapped 2-sided

and 1-sided p-values using the Wild Cluster Restricted (WCR) bootstrap (Cameron et al.,

2008; MacKinnon et al., 2023).59 Table 6, Panel A shows that results for 1977-1988 are

largely similar as the primary results in Table 3, providing additional evidence of treatment

effect homogeneity. Panel B shows that results extending the sample back to 1968 are also

consistent. Across both periods, estimates are statistically significant at conventional levels

for separation and marriage, but less precise for cohabitation and living with children.

The evidence thus suggests AFDC-UP provided protection against familial dissolution for

at least two decades. In Panels A and B of Figure 6, I show age-adjusted rates of separation

and cohabitation between 1940-2000 among employed and unemployed men in states that

adopt AFDC-UP in the 1960s and states that never adopt through 1988, normalized by their

1960 value.60 While trends among employed men look quite similar in both groups, significant

differences exist among the unemployed. Panels C and D illustrate this, showing that the

normalized difference in rates of cohabitation between unemployed and employed men in

AFDC-UP states rise in the 1960s (after AFDC-UP is implemented) and fall only in the

1990s (after AFDC-UP was eliminated). In contrast, the central tendency is towards larger

differences among control states. Panel D shows a tendency towards larger differences in

58There are two eras of different groupings in the CPS pre-1977: the first is between 1968-1972 (18 states
individually identified) and the second is between 1973-1977 (12 states individually identified). The states
includes as part of groups include Michigan andWisconsin (treated) and Alabama and Mississippi (control).
Panels A and B show the states in each era of CPS state groupings that satisfy the above criteria.

59I conduct 1,024 replications, which is the maximum number of draws with 10 clusters using the preferred
Rademacher distribution to generate the “wild weights”. I use the boottest command to implement the
bootstrap procedure (Roodman et al., 2019).

60Rates are age-adjusted to resemble all men in labor force. Figure B.1 shows the years that each state had
the program in effect for states that ever adopted by 1988. I include states that adopted the program
in the 1960s and which dropped the program for at most 2 years, which mirrors the primary treatment
definition for the main results.
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separation among both groups of states, but also shows disproportionately larger differences

in control states. The difference in these differences is somewhat smaller in magnitude than

cohabitation, which is consistent with the smaller coefficients found for separation in the

econometric analysis.

Estimating counterfactual rates is complicated by the fact that, while the results of

Section IV shows the families of long-term unemployed men are very responsive to AFDC-UP,

they also indicate that the families of men with higher incomes and shorter unemployment

durations — who also differentially reported welfare receipt of a smaller magnitude — exhibit

little response. The lack of detailed unemployment duration information in the Census

complicates attempts to differentiate these groups in the aggregate series’. Nevertheless, the

divergence in trends around the introduction of AFDC-UP, reversal in treated states after

the removal of AFDC-UP, and the primary econometric results together suggest that AFDC-

UP helped mitigate an even higher aggregate association between unemployment and family

dissolution, and also helps to explain differentials in such associations across the states.

VII Conclusion

This paper estimates effects of an understudied public assistance program that provided a

form of unemployment insurance for poor two-parent families on family structure stability.

AFDC-UP operated in roughly half of the states for three and a half decades, forming the

basis of the difference in differences research design that compares program participation and

family structure among lower income men recently or currently experiencing unemployment

versus those not and in AFDC-UP versus non-AFDC-UP states. Results show that AFDC-

UP provided meaningful protection against long-term unemployment-associated separation

and reductions in cohabitation that would otherwise have occurred among poor families.

The large degree of responsiveness found is consistent with theoretical predictions regarding

high marginal utility of the long-term unemployed, high replacement rates of AFDC-UP
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when accounting for categorical eligibility, long-standing geographic differences in AFDC-

UP’s availability, and with the removal of the outside option of separation as a means to

receive AFDC-basic benefits, although the results do not distinguish between these factors.

The short-term effects of AFDC-UP on separation for men must translate into similar

effects for women (Moffitt, 1992), which indirectly implies that female partners were more

likely to head households with minor children in non-AFDC-UP states after their spouse

became unemployed. Future research could explore the impact AFDC-UP had in mitigating

even higher rates of single motherhood than observed since the 1960s, perhaps through the

use of restricted data linkages to follow mothers during a period in which public longitudinal

surveys are largely unavailable. This topic is of interest given the close connection between

U.S. public assistance policy, public discourse, and rising rates of single motherhood over

the last 60 years. Additionally, the reduced economic opportunities often attributed to

children raised in single-parent families (e.g., McLanahan, 1988; Astone and McLanahan,

1991; Stevens, 1994; Hoynes, 1997; Heckman et al., 2006; Lee and McLanahan, 2015; Gould

et al., 2020; Kearney, 2023) make this an important area of further investigation.

Policy proposals calling for federalizing UI benefits point out that even if earnings and

work requirements are relaxed, efficacious social insurance against unemployment would still

require a supplementary assistance program for the most needy unemployed (e.g., Dube

(2021)). Lingering long-term unemployment in the wake of the Great Recession (Aaronson

et al., 2010) suggests the importance of such a program may grow moving forward. The

results in this paper suggest that the welfare gains of extending UI to these types of families

may be quite large and have far reaching implications for how U.S. families respond to

unemployment spells, particularly those of longer duration.
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Figures and Tables

Figure 1: Trends in separation and cohabitation among men, by
current employment status

A. Fraction divorced, separated, or spouse absent
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Notes: Data come from 1 percent decennial census samples (Ruggles et al., 2023) and are comprised of ever-
married men ages 24-58 who are in the labor force. Panel A plots the share who are divorced, separated,
or report spousal absence (black solid line with diamonds) and the age-adjusted share who are currently
unemployed and divorced, separated, or report spousal absence (black dashed line with triangles). Panel B
plots the share who are cohabiting with children, defined as living with their own children under age 18 and
the mother of at least one of those children (black solid line with diamonds); and the age-adjusted share who
are currently unemployed and cohabiting (black dashed line with triangles). Age-adjustment is performed
using the age distribution in each year among ever-married men ages 24-58 who are in the labor force.
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Figure 2: Geographic and timing variation in first-time
AFDC-UP adoption

A. All pre-1990 first-time adoption

Never adopters
1961-adopters
1962-1969 adopters
1970-1976 adopters
1985 adopter

B. CPS-ASEC definition

Not in Sample
Never adopters
Adopters by 1977

Notes: Panel A maps states in the contiguous United States that ever adopted AFDC-UP by 1988, by the
following eras of first-time adoption: 1961, the first year of AFDC-UP; 1962-1969; 1970-1976; and after (the
only state is South Carolina, in 1985). First-time adoption is defined as the first year in which caseloads
were positive in any month. Data on AFDC-UP caseloads by state and month are from (Bureau of Public
Assistance, various years). Panel B plots the 42 states that are classified as always or never treated (see
Section II and Appendix B more details).
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Figure 3: Trends in Unemployment and AFDC-UP Caseloads
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Notes: Plots the national unemployment rate (left axis, black solid line), the number of caseloads per
thousand cohabiting couples as measured in the CPS-ASEC (right axis, gray solid line), and the number
of caseloads per thousand cohabiting couples as measured in the decennial census (right axis, gray dashed
line). Cohabiting couples are defined as heterosexual couples who both report living with their own children
with at least one of their children under 18, further restricted to households in which there is only one such
couple. Data on the national unemployment rate are from Carter et al. (2006) Series Ba478-486. Monthly
data on AFDC-UP caseloads come from (Bureau of Public Assistance, various years) and are collapsed by
year. CPS-ASEC data are from Flood et al. (2022) and decennial census data are from Ruggles et al. (2023).
The CPS-ASEC series begins in 1968, as this was the first year that the age of the youngest child in the
household was collected. Cohabiting couple counts in the decennial census series are linearly interpolated in
intercensal years. Census samples are 5 percent for 1960 and 1980-2000, and 1 percent for 1970.
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Figure 4: Trends in unemployment and UI

A. The unemployment rate and UI-insured rate
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Notes: Panel A plots the national unemployment rate (black line; Carter et al., 2006, series Ba485) and
the national UI-insured rate (gray line; Carter et al., 2006, series Bf485), defined as the average number of
people weekly insured for UI divided by the number of people in the labor force. Panel B plots the Fraction
of Insured Unemployment (FIU; Blank and Card, 1991), which is the ratio of the national UI-insured rate
to the unemployment rate.
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Figure 5: Heterogeneity by unemployment duration
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Notes: Displays the coefficients on AFDC-UP (γ̂2, red diamonds with gray bars) and unemployment (γ̂1,
blue circles with black bars) from specification (4) among men in the lowest income tercile, separately by
outcome (given in panels A-E) and by quartile of unemployment duration, with 90 percent and 95 percent
cluster robust (CR) confidence intervals at the state level represented by thick and thin bars, respectively.
Samples pool March CPS-ASEC data between 1977-1988 and is comprised of men ages 24-58 who are the
head of the household, do not live in group quarters or multi-family households, are classified as wage and
salary workers, worked non-zero weeks, report positive wage income in excess of $1,000, report zero farm or
business income in the prior year, live in households where no other adult is in the labor force, and are ever-
married. The quartiles of prior-year unemployment are 1-6, 7-12, 13-23, and 24-51 weeks. For consistency,
these bins are also applied to current unemployment duration. For the four quartiles of duration, each sample
drops those reporting duration outside of the corresponding range of included unemployment duration (as
with the primary sample), so all regression coefficients are relative to the same group of employed workers.
Terciles are formed using predicted full-time earnings among men who worked 52 weeks in the previous year,
where the prediction uses the square-root LASSO (Tibshirani, 1996; Belloni et al., 2011) with the set of
possible predictors including fixed effects for age, race, educational attainment bins (less than high school,
high school, some college, and college or more), state, year, occupation, and industry. Terciles are estimated
separately by state and year. All specifications use CPS-ASEC survey weights.
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Figure 6: Trends in separation and cohabitation among men, by
current employment and by treatment status
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Notes: Data come from 1 percent decennial census samples (Ruggles et al., 2023) between 1940-2000 and are
comprised of ever-married men ages 24-58 who are in the labor force. Trends are presented separately for
employed and unemployed men in treated and control states. All trends are normalized by their 1960 value.
Employed men are defined as those not currently employed and who also did not report any unemployment
in the prior year. Unemployed men are those reporting current unemployment. Data in 1950 for prior
unemployment are largely missing, so that census is not included. Treated states are those that adopted
AFDC-UP in the 1960s and dropped the program for at most two years through 1988 (See Figure B.1) and
control states are those that never adopt the program by 1988. All trends are age-adjusted using the age
distribution in each year among ever-married men ages 24-58 who are in the labor force. Panel A plots the
share who are cohabiting with children by treatment and employment status. Panel B plots these shares for
separation. Panel C plots the differences between unemployed and employed trends in Panel A, and Panel
D plots the corresponding differences for Panel B.
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Table 1: Summary statistics

(1) (2) (3) (4)
Overall Tercile 1 Tercile 2 Tercile 3

Demographic
Share married .808 .794 .802 .828
Share divorced, separated, or spouse absent .182 .194 .186 .165
Age 39 36.7 40.2 40.2
Share white .912 .82 .957 .96
Share with children under 18 .635 .645 .609 .649
Share cohabiting with children under 18 .676 .684 .654 .691
Share completed less than highschool .194 .459 .105 .013
Share completed highschool .362 .439 .521 .123
Share completed some college .175 .095 .281 .149
Share completed 4 year college or more .269 .007 .093 .715

Economic
Wage income (52-week workers) $72,658 $50,385 $69,114 $99,122
Wage income (predicted) $73,149 $53,716 $69,597 $96,702
Household income $78,801 $53,414 $74,358 $109,371
Share unemployed ≥ 26 weeks .037 .068 .032 .011
Share unemployed ≥ 26 weeks last year .034 .062 .029 .01
Share currently unemployed ≥ 26 weeks .008 .013 .007 .003
Duration | Unemployed ≥ 26 weeks last year 32.4 32.3 32.5 32.7
Duration | Currently unemployed ≥ 26 weeks 40.5 39.9 41.3 41.3
Share below the poverty line .047 .104 .025 .01
Share own home .699 .56 .738 .804
Share with employer-based group coverage .877 .795 .908 .929

Program participation
Share receiving welfare (family) .013 .029 .008 .002
Welfare income | welfare receipt $5,106 $5,483 $3,947 $4,452
Share receiving UI .042 .068 .043 .013
Share receiving UI | unemployed ≥ 26 weeks .574 .557 .615 .559
Share receiving foodstamps (family) .036 .082 .022 .005
foodstamp value | foodstamp receipt $2,809 $2,967 $2,297 $2,400
Share covered by Medicaid (family) .023 .048 .014 .005

Observations (1977–1988) 66,518 23,361 22,044 21,113
Observations (1980–1988) 47,906 16,792 15,893 15,221

Notes: Sample pools March CPS-ASEC data between 1977-1988 (Flood et al., 2022) and is comprised of
men ages 24-58 who are the head of the household, do not live in group quarters or multi-family households,
are classified as wage and salary workers, worked non-zero weeks, report positive wage income in excess of
$1,000, report zero farm or business income in the prior year, live in households where no other adult is in
the labor force, and are ever-married. Column 1 shows statistics for the full sample, while columns 2-4 show
statistics separately by tercile of the previous year’s predicted personal wage and salary income. Earnings
are estimated using personal wage and salary income among men who worked 52 weeks in the previous year
and predicted for those who worked less than 52 weeks, using the square-root Least Absolute Shrinkage
and Selection Operator (LASSO; Tibshirani, 1996; Belloni et al., 2011) with the set of possible predictors
including fixed effects for age, race, educational attainment bins (less than high school, high school, some
college, and college or more), state, year, occupation, and industry. Terciles are estimated separately by
state and year. Statistics on on health insurance, food stamps, and Medicaid are from 1980-1988. Monetary
variables are in 2019 dollars. All statistics are calculated using CPS-ASEC survey weights.
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Table 2: 1960 balance

(1) (2) (3) (4)
AFDC-UP
States

Non-
AFDC-UP
States

Difference p-value

Demographic
Age 38.9 38.2 .638 < .01
Share white .946 .902 .044 < .01
Share married .951 .957 -.006 .239
Age at first marriage 24.9 23.9 1.1 < .01
Share married more than once .102 .135 -.033 .035
Share divorced, separated, or spouse absent .039 .035 .005 .353
Share with children under 18 .789 .79 -.001 .878
Share cohabiting with children under 18 .78 .781 -.001 .888
Share completed less than highschool .464 .523 -.059 < .01
Share completed highschool .291 .255 .036 < .01
Share completed some college .107 .098 .009 .338
Share completed 4 year college or more .134 .114 .02 < .01

Economic
Share in metro area .784 .527 .256 < .01
Share own home .64 .626 .014 .62
Home value — own home $125,574 $93,796 $31,778 < .01
Family income $58,662 $49,298 $9,364 < .01
Wage income $54,388 $45,502 $8,885 < .01
Other income| have other income $5,499 $6,184 -$685 .021
Annual rent| renter $6,933 $5,586 $1,347 < .01
Annual cost of living| renter $7,378 $5,967 $1,410 < .01

State-level benefit
FIU .603 .429 .174 < .01
ADC recipiency per 1,000 women aged 15–54 14.2 17.5 –3.3 .227
UI maximum (4 weeks) $1,604 $1,096 $508 < .01
ADC benefit per case $1,306 $718 $588 < .01

N 456,137 191,058

Notes: Sample for demographic and economic variables is drawn from the 1960 5 percent census (Ruggles
et al., 2023) and is comprised of men ages 24-58 who are the head of the household, do not live in group
quarters or multi-family households, are classified as wage and salary workers, worked non-zero weeks,
report positive wage income in excess of $1,000, report zero farm or business income in the prior year, live
in households where no other adult is in the labor force, and are ever-married. State-level data on the 1960
FIU is calculated using the overall unemployment rate from the 1980 5 percent census and Department of
Labor information on the average number weekly insured for UI (available via the following link: https:

//oui.doleta.gov/unemploy/claimssum.asp). State level data on 1960 ADC payments per caseload and
ADC caseloads per 1,000 women come from Goodman-Bacon and Schmidt (2020) and Haines (2010). Column
1 shows means for treated states according to the primary definition (see Section II and Appendix B, column
2 shows means in non-AFDC-UP adopting states, Column 3 shows the difference, and Column 4 the p-value
from tests of equality clustering at the state level.
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Table 3: Difference in differences estimates of the effect of
AFDC-UP on welfare participation and family structure

(1) (2) (3) (4) (5) (6)
Welfare Div/Sep

/Sp.Abs.
Married Married

No
Child

Cohabit-
ation

Child <
18

A. Lower Tercile
AFDC-UP .19 -.06 .07 -.02 .08 .07

(.02) (.03) (.03) (.02) (.04) (.03)
CR p-value [<.01] [.051] [.021] [.498] [.042] [.033]

Unemployment .06 .12 -.12 -.02 -.07 -.08
(.01) (.03) (.03) (.02) (.03) (.03)

CR p-value [<.01] [<.01] [<.01] [.254] [.043] [<.01]

N 23,361 23,361 23,361 23,361 23,361 23,361

B. Middle Tercile
AFDC-UP .07 .04 -.04 -.01 0.00 -.01

(.02) (.05) (.05) (.05) (.05) (.05)
CR p-value [<.01] [.373] [.458] [.812] [.95] [.807]

Unemployment .04 .05 -.07 .04 -.09 -.10
(.01) (.04) (.04) (.04) (.05) (.05)

CR p-value [<.01] [.264] [.12] [.333] [.053] [.035]

N 22,044 22,044 22,044 22,044 22,044 22,044

C. Upper Tercile
AFDC-UP .04 .07 -.06 .01 -.09 -.08

(.02) (.05) (.04) (.07) (.1) (.09)
CR p-value [.082] [.141] [.192] [.908] [.363] [.411]

Unemployment .01 .13 -.14 -.01 -.10 -.08
(.02) (.04) (.04) (.06) (.09) (.08)

CR p-value [.347] [<.01] [<.01] [.905] [.32] [.367]

N 21,113 21,113 21,113 21,113 21,113 21,113

Notes: Displays the coefficients on AFDC-UP (γ̂2) and unemployment (γ̂1) from specification (4), separately
by outcome (given in Columns 1-6) and by tercile of the previous year’s predicted personal wage and salary
income (given in panels), with cluster robust (CR) standard errors at the state level given in parentheses and
associated p-values in brackets. Sample pools March CPS-ASEC data between 1977-1988 and is comprised of
men ages 24-58 who are the head of the household, do not live in group quarters or multi-family households,
are classified as wage and salary workers, worked non-zero weeks, report positive wage income in excess of
$1,000, report zero farm or business income in the prior year, live in households where no other adult is
in the labor force, and are ever-married. Terciles are formed using predicted full-time earnings among men
who worked 52 weeks in the previous year, where the prediction uses the square-root LASSO (Tibshirani,
1996; Belloni et al., 2011) with the set of possible predictors including fixed effects for age, race, educational
attainment bins (less than high school, high school, some college, and college or more), state, year, occupation,
and industry. Terciles are estimated separately by state and year. All specifications use CPS-ASEC survey
weights.
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Table 5: Doubly robust estimates of the effect of AFDC-UP on
welfare participation and family structure

(1) (2) (3) (4) (5) (6)
Welfare Div/Sep

/Sp.Abs.
Married Married

No
Child

Cohabit-
ation

Child <
18

A. Lower Tercile
AFDC-UP .18 -.07 .07 -.01 .04 .06

(.02) (.02) (.02) (.02) (.02) (.02)
p-value [<.01] [<.01] [<.01] [.778] [.124] [.01]

N 1,518 1,518 1,518 1,518 1,518 1,518

Unemployment .05 .07 -.08 -.01 -.05 -.05
(.01) (.02) (.02) (.01) (.02) (.02)

p-value [<.01] [<.01] [<.01] [.594] [<.01] [<.01]

N 8,276 8,276 8,276 8,276 8,276 8,276

B. Middle &
Upper Terciles

AFDC-UP .07 .02 -.03 -.05 .07 .02
(.02) (.03) (.03) (.03) (.04) (.04)

p-value [<.01] [.44] [.404] [.098] [.08] [.621]

N 841 841 841 841 841 841

Unemployment .03 .09 -.10 .01 -.10 -.09
(.01) (.02) (.02) (.02) (.03) (.02)

p-value [<.01] [<.01] [<.01] [.799] [<.01] [<.01]

N 14,292 14,292 14,292 14,292 14,292 14,292

Notes: Displays Doubly Robust (DR) estimates of the effect of AFDC-UP and of unemployment, where
the effect of AFDC-UP is estimated according to equation (5) and the effect of unemployment is estimated
according to equation (7). Sample pools March CPS-ASEC data between 1977-1988 and is comprised of
men ages 24-58 who are the head of the household, do not live in group quarters or multi-family households,
are classified as wage and salary workers, worked non-zero weeks, report positive wage income in excess of
$1,000, report zero farm or business income in the prior year, live in households where no other adult is
in the labor force, and are ever-married. Estimates are for men in the lower income tercile, where terciles
are formed using predicted full-time earnings among men who worked 52 weeks in the previous year, where
the prediction uses the square-root LASSO (Tibshirani, 1996; Belloni et al., 2011) with the set of possible
predictors including fixed effects for age, race, educational attainment bins (less than high school, high school,
some college, and college or more), state, year, occupation, and industry. Terciles are estimated separately
by state and year.
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Table 6: Difference in differences estimates of the effect of
AFDC-UP between 1968-1988 for a restricted set of states

(1) (2) (3) (4) (5) (6)
Welfare Div/Sep

/Sp.Abs.
Married Married

No
Child

Cohabit-
ation

Child <
18

A. 1977–1988
AFDC-UP .19 -.07 .09 0.00 .08 .05
CR p-value [<.01] [.117] [.049] [.892] [.215] [.322]
2-sided WCR p-value [<.01] [.193] [<.01] [.895] [.216] [.396]
1-sided WCR p-value [<.01] [.097] [<.01] [.447] [.108] [.198]

Unemployment .07 .13 -.15 -.02 -.09 -.08
CR p-value [.05] [<.01] [<.01] [.336] [.154] [.122]
2-sided WCR p-value [.171] [<.01] [.032] [.434] [.184] [.063]
1-sided WCR p-value [.086] [<.01] [.017] [.217] [.092] [.031]

N 12,891 12,891 12,891 12,891 12,891 12,891

B. 1968–1988
AFDC-UP .19 -.07 .09 0.00 .07 .05
CR p-value [<.01] [.078] [.036] [.931] [.248] [.387]
2-sided WCR p-value [<.01] [.066] [<.01] [.926] [.283] [.529]
1-sided WCR p-value [<.01] [.033] [<.01] [.463] [.142] [.265]

Unemployment .06 .12 -.14 -.02 -.08 -.07
CR p-value [.021] [<.01] [<.01] [.299] [.187] [.194]
2-sided WCR p-value [.154] [.016] [<.01] [.424] [.184] [.176]
1-sided WCR p-value [.077] [<.01] [<.01] [.212] [.092] [.088]

N 27,825 27,825 27,825 27,825 27,825 27,825

Number of states 12 12 12 12 12 12
Number of clusters 10 10 10 10 10 10

Notes: Displays the coefficients on AFDC-UP (γ̂2) and unemployment (γ̂1) from specification (4), separately
by outcome (given in Columns 1-6) and for two samples periods; 1977-1988 and 1968-1988 (given in panels),
with cluster robust (CR) p-values given in the first set of brackets. The second and third sets of brackets
provide bootstrapped 2 and 1-sided p-values, respectively, using the Wild Cluster Restricted (WCR) boot-
strap (Cameron et al., 2008; MacKinnon et al., 2023) with 1,024 replications implemented via the boottest
command (Roodman et al., 2019). The sample is restricted to 10 clusters comprised of 12 states that are
identifiable in the CPS before 1977 (see Appendix B for further details). Sample pools March CPS-ASEC
data between 1977-1988 and is comprised of men ages 24-58 who are the head of the household, do not live
in group quarters or multi-family households, are classified as wage and salary workers, worked non-zero
weeks, report positive wage income in excess of $1,000, report zero farm or business income in the prior year,
live in households where no other adult is in the labor force, and are ever-married. Terciles are formed using
predicted full-time earnings among men who worked 52 weeks in the previous year, where the prediction uses
the square-root LASSO (Tibshirani, 1996; Belloni et al., 2011) with the set of possible predictors including
fixed effects for age, race, educational attainment bins (less than high school, high school, some college, and
college or more), state, year, occupation, and industry. Terciles are estimated separately by state and year.
All specifications use CPS-ASEC survey weights.
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A Additional Results

Figure A.1: AFDC-UP caseloads and recipiency, by NBER
recession dates
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Notes: Plots monthly AFDC-UP caseloads between March, 1961 and December, 1996, with shaded areas
representing recessions. Data on caseloads by state and month are from Bureau of Public Assistance (Various
Years) and recession dating is taken from the National Bureau of Economic Research (NBER).
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Figure A.2: Propensity score overlap in the lower income tercile

A. Propensity score overlap for DR estimates of AFDC-UP
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Notes: Displays densities of propensity score estimates predicted using logistic regressions to predict group
status. Group status is living in AFDC-UP states among unemployed men in Panel A (estimates used for the
Doubly Robust (DR) estimate given in equation (5)) and is experiencing unemployment among men living
in control states in Panel B (estimates used for the DR estimate given in equation (7)). Covariates include
year fixed effects, race, industry fixed effects, age fixed effects, and a metro dummy. Sample pools March
CPS-ASEC data between 1977-1988 and is comprised of men ages 24-58 who are the head of the household,
do not live in group quarters or multi-family households, are classified as wage and salary workers, worked
non-zero weeks, report positive wage income in excess of $1,000, report zero farm or business income in
the prior year, live in households where no other adult is in the labor force, and are ever-married. Only
men in the lower income tercile are included, where terciles are formed using predicted full-time earnings
among men who worked 52 weeks in the previous year, where the prediction uses the square-root LASSO
(Tibshirani, 1996; Belloni et al., 2011) with the set of possible predictors including fixed effects for age, race,
educational attainment bins (less than high school, high school, some college, and college or more), state,
year, occupation, and industry. Terciles are estimated separately by state and year.
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Figure A.3: Robustness: Welfare receipt estimates

Including never-married
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AFDC-UP Estimate
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Notes: The outcome indicates household welfare receipt. Displays the coefficients on AFDC-UP (γ̂2) and
unemployment (γ̂1) from variants of specification (4) for the lowest tercile of predicted full-time earnings,
where terciles are estimated separately by state and year using full-time earnings among men who worked 52
weeks in the previous year. Samples pool March CPS-ASEC data between 1977-1988 or 1980-1988 and are
comprised of men ages 24-58 who are the head of the household, do not live in group quarters or multi-family
households, are classified as wage and salary workers, worked non-zero weeks, report positive wage income
in excess of $1,000, report zero farm or business income in the prior year, live in households where no other
adult is in the labor force, and, in all but one specification, are ever-married. The 1st row recreates the
baseline results (Table 3); the 2nd shows results restricted to 1980-1988; the 3rd and 4th show estimates
where terciles are formed instead using linear regression or the LASSO Extended Bayesian Information
Criteria (Tibshirani, 1996; Chen and Chen, 2008) with the set of possible predictors including fixed effects
for age, race, educational attainment bins (less than high school, high school, some college, and college or
more), state, year, occupation, and industry; the 5th uses as AFDC-UP treatment every contiguous state and
whether they had positive caseloads in a given year (see Appendix B); the 6th uses a dummy for AFDC-UP
in place of state-by-year fixed effects (specification (1)); the 7th is the baseline model plus individual-level
controls for race, educational attainment-bin fixed effects, and age fixed effects; the 8th is the baseline model
plus fixed effects for 1950 occupation and industry codes; the 9th is the baseline model plus an interaction
term between the state-year UI maximum and unemployment status (Edwards, 2020), using the maximum
for two children in states that varied UI benefits for dependents; the 10th is the baseline model plus an
interaction term for the 1980 Fraction of Insured Unemployment (FIU) and unemployment, where the FIU
is calculated using the overall unemployment rate from the 1980 5 percent census (Ruggles et al., 2023) and
Department of Labor information on the average number weekly insured for UI (available via the following
link: https://oui.doleta.gov/unemploy/claimssum.asp); and the 11th includes never-married men in
the sample. All specifications use CPS-ASEC survey weights and cluster standard errors at the state level,
with 90 percent and 95 percent confidence intervals represented by thick and thin bars, respectively.
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Figure A.4: Robustness: Separation estimates

Including never-married
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Notes: The outcome indicates currently divorced, separated, or reporting spousal absence. Displays the
coefficients on AFDC-UP (γ̂2) and unemployment (γ̂1) from variants of specification (4) for the lowest tercile
of predicted full-time earnings, where terciles are estimated separately by state and year using full-time
earnings among men who worked 52 weeks in the previous year. Samples pool March CPS-ASEC data
between 1977-1988 or 1980-1988 and are comprised of men ages 24-58 who are the head of the household,
do not live in group quarters or multi-family households, are classified as wage and salary workers, worked
non-zero weeks, report positive wage income in excess of $1,000, report zero farm or business income in the
prior year, live in households where no other adult is in the labor force, and, in all but one specification, are
ever-married. The 1st row recreates the baseline results (Table 3); the 2nd shows results restricted to 1980-
1988; the 3rd and 4th show estimates where terciles are formed instead using linear regression or the LASSO
Extended Bayesian Information Criteria (Tibshirani, 1996; Chen and Chen, 2008) with the set of possible
predictors including fixed effects for age, race, educational attainment bins (less than high school, high
school, some college, and college or more), state, year, occupation, and industry; the 5th uses as AFDC-UP
treatment every contiguous state and whether they had positive caseloads in a given year (see Appendix B);
the 6th uses a dummy for AFDC-UP in place of state-by-year fixed effects (specification (1)); the 7th is the
baseline model plus individual-level controls for race, educational attainment-bin fixed effects, and age fixed
effects; the 8th is the baseline model plus fixed effects for 1950 occupation and industry codes; the 9th is
the baseline model plus an interaction term between the state-year UI maximum and unemployment status
(Edwards, 2020), using the maximum for two children in states that varied UI benefits for dependents; the
10th is the baseline model plus an interaction term for the 1980 Fraction of Insured Unemployment (FIU)
and unemployment, where the FIU is calculated using the overall unemployment rate from the 1980 5
percent census (Ruggles et al., 2023) and Department of Labor information on the average number weekly
insured for UI (available via the following link: https://oui.doleta.gov/unemploy/claimssum.asp); and
the 11th includes never-married men in the sample. All specifications use CPS-ASEC survey weights and
cluster standard errors at the state level, with 90 percent and 95 percent confidence intervals represented
by thick and thin bars, respectively. 65
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Figure A.5: Robustness: Married estimates
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Notes: The outcome indicates currently married. Displays the coefficients on AFDC-UP (γ̂2) and
unemployment (γ̂1) from variants of specification (4) for the lowest tercile of predicted full-time earnings,
where terciles are estimated separately by state and year using full-time earnings among men who worked
52 weeks in the previous year. Samples pool March CPS-ASEC data between 1977-1988 or 1980-1988
and are comprised of men ages 24-58 who are the head of the household, do not live in group quarters or
multi-family households, are classified as wage and salary workers, worked non-zero weeks, report positive
wage income in excess of $1,000, report zero farm or business income in the prior year, live in households
where no other adult is in the labor force, and, in all but one specification, are ever-married. The 1st row
recreates the baseline results (Table 3); the 2nd shows results restricted to 1980-1988; the 3rd and 4th
show estimates where terciles are formed instead using linear regression or the LASSO Extended Bayesian
Information Criteria (Tibshirani, 1996; Chen and Chen, 2008) with the set of possible predictors including
fixed effects for age, race, educational attainment bins (less than high school, high school, some college,
and college or more), state, year, occupation, and industry; the 5th uses as AFDC-UP treatment every
contiguous state and whether they had positive caseloads in a given year (see Appendix B); the 6th uses
a dummy for AFDC-UP in place of state-by-year fixed effects (specification (1)); the 7th is the baseline
model plus individual-level controls for race, educational attainment-bin fixed effects, and age fixed effects;
the 8th is the baseline model plus fixed effects for 1950 occupation and industry codes; the 9th is the
baseline model plus an interaction term between the state-year UI maximum and unemployment status
(Edwards, 2020), using the maximum for two children in states that varied UI benefits for dependents; the
10th is the baseline model plus an interaction term for the 1980 Fraction of Insured Unemployment (FIU)
and unemployment, where the FIU is calculated using the overall unemployment rate from the 1980 5
percent census (Ruggles et al., 2023) and Department of Labor information on the average number weekly
insured for UI (available via the following link: https://oui.doleta.gov/unemploy/claimssum.asp); and
the 11th includes never-married men in the sample. All specifications use CPS-ASEC survey weights and
cluster standard errors at the state level, with 90 percent and 95 percent confidence intervals represented
by thick and thin bars, respectively. 66
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Figure A.6: Robustness: Cohabitation estimates
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Notes:
The outcome indicates cohabiting with children, defined by living with at least 1 child under age 18 and their
mother. Displays the coefficients on AFDC-UP (γ̂2) and unemployment (γ̂1) from variants of specification
(4) for the lowest tercile of predicted full-time earnings, where terciles are estimated separately by state and
year using full-time earnings among men who worked 52 weeks in the previous year. Samples pool March
CPS-ASEC data between 1977-1988 or 1980-1988 and are comprised of men ages 24-58 who are the head
of the household, do not live in group quarters or multi-family households, are classified as wage and salary
workers, worked non-zero weeks, report positive wage income in excess of $1,000, report zero farm or business
income in the prior year, live in households where no other adult is in the labor force, and, in all but one
specification, are ever-married. The 1st row recreates the baseline results (Table 3); the 2nd shows results
restricted to 1980-1988; the 3rd and 4th show estimates where terciles are formed instead using linear regres-
sion or the LASSO Extended Bayesian Information Criteria (Tibshirani, 1996; Chen and Chen, 2008) with
the set of possible predictors including fixed effects for age, race, educational attainment bins (less than high
school, high school, some college, and college or more), state, year, occupation, and industry; the 5th uses as
AFDC-UP treatment every contiguous state and whether they had positive caseloads in a given year (see Ap-
pendix B); the 6th uses a dummy for AFDC-UP in place of state-by-year fixed effects (specification (1)); the
7th is the baseline model plus individual-level controls for race, educational attainment-bin fixed effects, and
age fixed effects; the 8th is the baseline model plus fixed effects for 1950 occupation and industry codes; the
9th is the baseline model plus an interaction term between the state-year UI maximum and unemployment
status (Edwards, 2020), using the maximum for two children in states that varied UI benefits for depen-
dents; the 10th is the baseline model plus an interaction term for the 1980 Fraction of Insured Unemployment
(FIU) and unemployment, where the FIU is calculated using the overall unemployment rate from the 1980
5 percent census (Ruggles et al., 2023) and Department of Labor information on the average number weekly
insured for UI (available via the following link: https://oui.doleta.gov/unemploy/claimssum.asp); and
the 11th includes never-married men in the sample. All specifications use CPS-ASEC survey weights and
cluster standard errors at the state level, with 90 percent and 95 percent confidence intervals represented by
thick and thin bars, respectively.
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Table A.1: Summary statistics (unemployed men only)

(1) (2) (3) (4)
Overall Tercile 1 Tercile 2 Tercile 3

Demographic
Share married .717 .73 .714 .642
Share divorced, separated, or spouse absent .27 .26 .265 .348
Age 37.8 36 40.7 41.2
Share white .849 .792 .957 .906
Share with children under 18 .577 .623 .5 .508
Share cohabiting with children under 18 .63 .674 .568 .529
Share completed less than highschool .376 .542 .139 .016
Share completed highschool .432 .392 .597 .21
Share completed some college .121 .065 .231 .158
Share completed 4 year college or more .071 0 .034 .616

Economic
Wage income (predicted) $60,197 $51,964 $67,797 $89,942
Share unemployed ≥ 26 weeks last year .899 .903 .907 .85
Share currently unemployed ≥ 26 weeks .21 .195 .235 .227
Duration | Unemployed ≥ 26 weeks last year 32.4 32.3 32.5 32.7
Duration | Currently unemployed ≥ 26 weeks 40.5 39.9 41.3 41.3
Share below the poverty line .377 .453 .271 .207
Share own home .468 .408 .58 .526
Share with employer-based group coverage .58 .536 .637 .686

Program participation
Share receiving welfare (family) .153 .198 .093 .042
Welfare income | welfare receipt $5,485 $5,892 $3,747 $5,565
Share receiving UI .574 .557 .615 .559
Share receiving foodstamps (family) .315 .383 .236 .116
foodstamp value | foodstamp receipt $2,699 $2,805 $2,322 $2,706
Share covered by Medicaid (family) .201 .252 .136 .076

Observations (1977–1988) 2,521 1,599 687 235
Observations (1980–1988) 2,022 1,277 554 191

Notes: Shows sample statistics only for men unemployed according to the primary definition (see Section II).
Sample pools March CPS-ASEC data between 1977-1988 (Flood et al., 2022) and is comprised of men ages
24-58 who are the head of the household, do not live in group quarters or multi-family households, are
classified as wage and salary workers, worked non-zero weeks, report positive wage income in excess of
$1,000, report zero farm or business income in the prior year, live in households where no other adult is in
the labor force, and are ever-married. Column 1 shows statistics for the full sample, while columns 2-4 show
statistics separately by tercile of the previous year’s predicted personal wage and salary income. Earnings
are estimated using personal wage and salary income among men who worked 52 weeks in the previous year
and predicted for those who worked less than 52 weeks, using the square-root Least Absolute Shrinkage
and Selection Operator (LASSO; Tibshirani, 1996; Belloni et al., 2011) with the set of possible predictors
including fixed effects for age, race, educational attainment bins (less than high school, high school, some
college, and college or more), state, year, occupation, and industry. Terciles are estimated separately by
state and year. Statistics on on health insurance, food stamps, and Medicaid are from 1980-1988. Monetary
variables are in 2019 dollars.
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Table A.2: The effect of AFDC-UP on welfare participation and
family structure, 1980-1988 only

(1) (2) (3) (4) (5) (6)
Welfare Div/Sep

/Sp.Abs.
Married Married

No
Child

Cohabit-
ation

Child <
18

A. Lower Tercile
AFDC-UP .18 -.07 .08 -.02 .09 .08

(.02) (.04) (.04) (.03) (.04) (.03)
CR p-value [<.01] [.075] [.037] [.438] [.053] [.036]

Unemployment .07 .12 -.12 -.02 -.08 -.07
(.02) (.03) (.03) (.02) (.04) (.03)

CR p-value [<.01] [<.01] [<.01] [.378] [.062] [.017]

N 16,792 16,792 16,792 16,792 16,792 16,792

B. Middle Tercile
AFDC-UP .09 .05 -.05 -.05 0.00 .02

(.02) (.05) (.05) (.05) (.05) (.05)
CR p-value [<.01] [.399] [.31] [.334] [.936] [.783]

Unemployment .04 .03 -.04 .05 -.07 -.10
(.01) (.05) (.04) (.04) (.04) (.05)

CR p-value [.01] [.5] [.343] [.282] [.137] [.049]

N 15,893 15,893 15,893 15,893 15,893 15,893

C. Upper Tercile
AFDC-UP .04 .07 -.06 .01 -.10 -.08

(.03) (.06) (.06) (.08) (.1) (.09)
CR p-value [.102] [.25] [.338] [.945] [.347] [.402]

Unemployment .02 .14 -.15 .01 -.11 -.10
(.02) (.05) (.05) (.07) (.1) (.08)

CR p-value [.349] [.012] [<.01] [.854] [.262] [.253]

N 15,221 15,221 15,221 15,221 15,221 15,221

Notes: Displays the coefficients on AFDC-UP (γ̂2) and unemployment (γ̂1) from specification (4), separately
by outcome (given in Columns 1-6) and by tercile of the previous year’s predicted personal wage and salary
income (given in panels), with cluster robust (CR) standard errors at the state level given in parentheses and
associated p-values in brackets. Sample pools March CPS-ASEC data between 1980-1988 and is comprised of
men ages 24-58 who are the head of the household, do not live in group quarters or multi-family households,
are classified as wage and salary workers, worked non-zero weeks, report positive wage income in excess of
$1,000, report zero farm or business income in the prior year, live in households where no other adult is
in the labor force, and are ever-married. Terciles are formed using predicted full-time earnings among men
who worked 52 weeks in the previous year, where the prediction uses the square-root LASSO (Tibshirani,
1996; Belloni et al., 2011) with the set of possible predictors including fixed effects for age, race, educational
attainment bins (less than high school, high school, some college, and college or more), state, year, occupation,
and industry. Terciles are estimated separately by state and year. All specifications use CPS-ASEC survey
weights.
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Table A.3: The effect of AFDC-UP on welfare participation and
family structure, dropping the South

(1) (2) (3) (4) (5) (6)
Welfare Div/Sep

/Sp.Abs.
Married Married

No
Child

Cohabit-
ation

Child <
18

A. Lower Tercile
AFDC-UP .14 -.03 .06 -.03 .11 .07

(.03) (.03) (.03) (.03) (.04) (.03)
CR p-value [<.01] [.252] [.067] [.372] [<.01] [.038]

Unemployment .10 .09 -.11 0.00 -.11 -.07
(.03) (.03) (.03) (.03) (.03) (.02)

CR p-value [<.01] [<.01] [<.01] [.908] [<.01] [<.01]

N 16,039 16,039 16,039 16,039 16,039 16,039

B. Middle Tercile
AFDC-UP .08 -.02 .06 .07 0.00 -.09

(.02) (.02) (.03) (.05) (.05) (.06)
CR p-value [<.01] [.268] [.068] [.168] [.984] [.119]

Unemployment .04 .12 -.16 -.03 -.11 -.04
(.01) (.01) (.02) (.04) (.05) (.05)

CR p-value [<.01] [<.01] [<.01] [.439] [.042] [.424]

N 15,112 15,112 15,112 15,112 15,112 15,112

C. Upper Tercile
AFDC-UP .05 -.11 .10 .04 .05 0.00

(.02) (.07) (.07) (.09) (.16) (.07)
CR p-value [<.01] [.139] [.169] [.646] [.735] [.977]

Unemployment 0.00 .30 -.29 -.02 -.25 -.16
(0.00) (.07) (.07) (.08) (.15) (.05)

CR p-value [<.01] [<.01] [<.01] [.749] [.118] [<.01]

N 14,379 14,379 14,379 14,379 14,379 14,379

Notes: Displays the coefficients on AFDC-UP (γ̂2) and unemployment (γ̂1) from specification (4), separately
by outcome (given in Columns 1-6) and by tercile of the previous year’s predicted personal wage and salary
income (given in panels), with cluster robust (CR) standard errors at the state level given in parentheses
and associated p-values in brackets. The sample does not include any states in the southern census region.
Sample pools March CPS-ASEC data between 1977-1988 and is comprised of men ages 24-58 who are the
head of the household, do not live in group quarters or multi-family households, are classified as wage and
salary workers, worked non-zero weeks, report positive wage income in excess of $1,000, report zero farm
or business income in the prior year, live in households where no other adult is in the labor force, and are
ever-married. Terciles are formed using predicted full-time earnings among men who worked 52 weeks in the
previous year, where the prediction uses the square-root LASSO (Tibshirani, 1996; Belloni et al., 2011) with
the set of possible predictors including fixed effects for age, race, educational attainment bins (less than high
school, high school, some college, and college or more), state, year, occupation, and industry. Terciles are
estimated separately by state and year. All specifications use CPS-ASEC survey weights.
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Table A.4: Falsification test using AFDC-UP variation applied to
the 1960 census

(1) (2) (3) (4) (5)
Div/Sep
/Sp.Abs.

Married Married
No

Child

Cohabit-
ation

Child <
18

A. Lower Tercile
AFDC-UP .04 -.04 0.00 -.04 -.04

(.02) (.02) (.01) (.03) (.03)
CR p-value [.021] [.044] [.863] [.169] [.178]

Unemployment .02 -.03 .06 -.09 -.09
(.01) (.01) (.01) (.02) (.02)

CR p-value [<.01] [<.01] [<.01] [<.01] [<.01]

N 171,939 171,939 171,939 171,939 171,939

B. Middle Tercile
AFDC-UP .03 -.04 0.00 -.03 -.03

(.01) (.02) (.02) (.04) (.04)
CR p-value [.079] [.043] [.879] [.394] [.421]

Unemployment .03 -.04 .10 -.14 -.14
(.01) (.01) (.02) (.02) (.02)

CR p-value [<.01] [<.01] [<.01] [<.01] [<.01]

N 171,778 171,778 171,778 171,778 171,778

C. Upper Tercile
AFDC-UP .02 -.02 -.04 .02 .02

(.02) (.02) (.02) (.03) (.03)
CR p-value [.364] [.308] [.026] [.484] [.549]

Unemployment .05 -.06 .13 -.19 -.18
(.01) (.01) (.01) (.02) (.02)

CR p-value [<.01] [<.01] [<.01] [<.01] [<.01]

N 171,813 171,813 171,813 171,813 171,813

Notes: Displays the coefficients on AFDC-UP (γ̂2) and unemployment (γ̂1) from specification (4), separately
by outcome (given in Columns 1-6) and by tercile of the previous year’s predicted personal wage and salary
income (given in panels), with cluster robust (CR) standard errors at the state level given in parentheses
and associated p-values in brackets. Sample is drawn from the 1960 5 percent census (Ruggles et al., 2023)
and is comprised of men ages 24-58 who are the head of the household, do not live in group quarters or
multi-family households, are classified as wage and salary workers, worked non-zero weeks, report positive
wage income in excess of $1,000, report zero farm or business income in the prior year, live in households
where no other adult is in the labor force, and are ever-married. Terciles are formed using predicted full-time
earnings among men who worked 52 weeks in the previous year, where the prediction uses the square-root
LASSO (Tibshirani, 1996; Belloni et al., 2011) with the set of possible predictors including fixed effects for
age, race, educational attainment bins (less than high school, high school, some college, and college or more),
state, year, occupation, and industry. Terciles are estimated separately by state.
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B Data Appendix

B.1 Primary treatment definition

As noted in the main text, I begin by dropping AK, HI, and DC. I also drop NV, because of outlier

rates of marriage and divorce. Figure B.1 shows which states had AFDC-UP in every year as

determined by positive caseloads in any calendar month, for all states that ever adopted before the

FSA of 1988 (excluding the above states and DC). 19 of the 31 states had the program every year

between 1977-1988. Although AZ and OK had the program in earlier years, they never do between

1977-1988, so I include them as control states. KY and NC each have the program only for 1 year

in the sample (1977 and 1988, respectively), so I also include these states in the control group.

MO, MT, and WA only drop the program for one or two years in the sample (1982, 1984-1985, and

1982, respectively), so I include these states as treated. Finally, because CO, ME, OR, and UT all

drop the program for three or more years, and SC adopts for the first time in 1985 (four years in

the sample), I drop these 5 states. The final sample includes 42 states (Figure 2, Panel B).

B.2 State groupings and AFDC-UP status in the CPS-ASEC be-
tween 1968-1977

There are two types of restrictions that must be made on the sample of states to extend analyses

in the CPS-ASEC back before 1977. The first is that there are less states classified as either

treated or untreated under the preferred definition that considers always versus never adopters,

with always adoption defined at the beginning of the sample period examined. Given the years for

which states are grouped in the CPS and when these groups change (see next paragraph), I consider

two additional measures: always adopters from 1973-1988, and always adopters from 1968-1988.

These are subsets of the primary treatment classification; that is, no state is coded as either having

or not having a program if they were not included in the original sample. Beginning in 1973, I

drop KY, OK, MT, NJ, leaving 38 states. Beginning in 1968, I further drop IA and CT (classifying

both WI, which dropped the program for 1 year, and MN, which started the program in 1970, as

always adopters). This leaves 36 states.

The second type of restriction stems from the fact that the CPS does not identify all individual
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states between 1968-1976.1 There are two key periods of groupings: the first is between 1968-1972

in which 18 states are identified (14 of which are classified as treated or not), and the second between

1973-1977 in which 12 states are identified (11 of which are classified as treated or not). Table B.1

shows all groupings of states between 1973-1976 and Table B.2 shows the same for those between

1968-1972. The tables first list the states that are individually identified in each group of years,

followed by the groupings of states, with pairwise columns listing the state and corresponding

treatment classification. States in groupings are only included in the extended sample if their

treatment classifications (always or never adopters) are uniform. In both periods, there are two

groupings of states that satisfy these criteria. The MI and WI grouping are always adopters, and

the AL and MS grouping are never adopters. Figure B.2 maps each set of included states. There

are 18 states comprised of 16 clusters for 1968-1972 (Panel A), 15 states comprised of 13 clusters for

1973-1976 (Panel B), and 12 states comprised of 10 clusters that are included across both periods

(Panel C).

1See https://cps.ipums.org/cps-action/variables/statefip#comparability_section for further de-
tails.
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Figure B.1: All states adopting AFDC-UP before 1990, by years
in which the program operated

AZ
CA
CO
CT
DE
IL
IA
KS
KY
ME
MD
MA
MI

MN
MO
MT
NE
NJ

NY
NC
OH
OK
OR
PA
RI
SC
UT
VT

WA
WV
WI

1960 1965 1970 1976 1980 1985 1988
Year

Notes: Plots each year a state had AFDC-UP brtween 1961-1988, for all states that ever adopted before
1990. Data on AFDC-UP caseloads by state and month come from the Department of Health and Human
Services (DHHS) available at:
https://www.acf.hhs.gov/ofa/resource/tanf-and-afdc-historical-case-data-pre-2012. A state
is classified as having an AFDC-UP program in a given calendar year if there were positive AFDC-UP
caseloads in any month during that year.
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Figure B.2: States included in earlier CPS-ASEC samples

A. 1968-1972 and 1977-1988

Not in Sample
Never adopters
Adopters by 1968

B. 1973-1988

Not in Sample
Never adopters
Adopters by 1973

C. 1968-1988

Not in Sample
Never adopters
Adopters by 1973

Notes: Panel A maps states that are classified as treated or control from 1968-1988 and are either individually
identifiable in the CPS-ASEC between 1968-1972 or are in groups with constant treatment status (see text
and notes to Table B.1). Panel B maps states that are classified as treated or control from 1973-1988 and are
either individually identifiable in the CPS-ASEC between 1973-1976 or are in groups with constant treatment
status (see text and notes to Table B.2). Panel C maps the intersection of Panels A and B.
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Table B.1: Sample 1968-1972 and 1977-1988

State 1 State 2 State 3 State 4 State 5

AFDC-
UP

AFDC-
UP

AFDC-
UP

AFDC-
UP

AFDC-
UP

Classified
treated

Individual
CA Y Y
CT - -
FL N N
GA N N
IL Y Y
IN N N
KY - -
LA N N
MD Y Y
MO Y Y
NJ - -
NY Y Y
OH Y Y
OR - -
PA Y Y
TN N N
TX N N
WV Y Y

Grouped
ME - MA Y NH N RI Y VT Y -
MI Y WI Y Y
MN Y IA - -
NE Y ND N SD N KS Y -
DE Y VA N -
NC N SC - -
AL N MS N N
AR N OK - -
AZ N NM N CO - -
ID N WY N UT - MT - NV - -
AK - WA Y HI - -

Notes: Tabulates all states that are individually identifiable in the CPS-ASEC as well as states that are
grouped between 1968-1972. For groups of states, pairwise columns indicate the state abbreviation and their
AFDC-UP treatment status. “Y” indicates whether a state always or almost always had an AFDC-UP
program between 1968-1988, “N” indicates whether they never or almost never had an AFDC-UP program
between 1968-1988, and “-” indicates whether they adopted or dropped the program for long periods, and
also include HI and AK. The final column indicates whether all states in the group have identical treatment
status of either “Y” or ‘N”, and is therefore a reproduction of column 1 for individual states. There are 18
of these states, including two groupings of two states, or 16 clusters in total.
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Table B.2: Sample 1973-1988

State 1 State 2 State 3 State 4 State 5 State 6 State 7

AFDC-
UP

AFDC-
UP

AFDC-
UP

AFDC-
UP

AFDC-
UP

AFDC-
UP

AFDC-
UP

Classified
treated

Individual
CA Y Y
CT Y Y
FL N N
IL Y Y
IN N N
MA Y Y
NJ - -
NY Y Y
NC N N
OH Y Y
PA Y Y
TX N N

Grouped
MI Y WI Y Y
AL N MS N N
NH N ME - VT Y RI Y -
SC - GA N -
KY - TN N -
AR N LA N OK - -
IA Y ND N SD N NE Y KS Y MN Y MO Y -
WA Y OR - AK - HI - -
MT - WY N CO - NM N UT - NV - AZ N -
DE Y MD Y VA N WV Y -

Notes: Tabulates all states that are individually identifiable in the CPS-ASEC as well as states that are
grouped between 1973. For groups of states, pairwise columns indicate the state abbreviation and their
AFDC-UP treatment status. “Y” indicates whether a state always or almost always had an AFDC-UP
program between 1973-1988, “N” indicates whether they never or almost never had an AFDC-UP program
between 1968-1988, and “-” indicates whether they adopted or dropped the program for long periods, and
also include HI and AK. The final column indicates whether all states in the group have identical treatment
status of either “Y” or ‘N”, and is therefore a reproduction of column 1 for individual states. There are 15
of these states, including two groupings of two states, or 13 clusters in total.
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C Accounting for measurement error in the

CPS-ASEC

The first source of measurement error is systematic under-reporting of welfare receipt in the CPS-

ASEC. Meyer et al. (2015) advocate comparing administrative and survey information to estimate

the “proportional bias” of transfer dollars reported received in common household surveys:

Proportional Bias =

(
dollars reported in survey, population weighted

dollars reported in administrative data

)
− 1 (C.1)

Using newly entered information on AFDC-UP spending for some years in the 1970s and 1980s

(Bureau of Public Assistance, Various Years), I estimate the proportional bias across four different

samples, finding a range of underreporting between 22.5 percent and 53.9 percent, with the upper

bound quite similar the 50 percent finding for the AFDC-basic program in Meyer et al. (2015).1

While the bias is comprised both of underreporting and non-reporting, an extreme assumption

is that it is all driven by non-reporting.2 The highest proportional bias magnitude then implies

scaling up the first stage by about a factor of 2, or scaling down the implied effect per case by a

factor of 2.

The second explanation is that CPS-ASEC welfare participation refers to the prior year, which

misses some families who began receiving benefits between January 1st and March. Given that the

median AFDC-UP length is around 6 months or less (see discussion in Section I), all indications

point to current receipt being disproportionately common among non-welfare reporting unemployed

individuals in AFDC-UP states. As the interview date is sometime in March, a simple exercise is

to scale up recipiency by 25 percent. Combined with the previous exercise, the cumulative factor

1Administrative information on AFDC-UP spending is available by state and month for 1968-1970 and
1978-1980. Across methodologies, I calculate AFDC-UP reported benefits in the CPS-ASEC (using survey
weights) or in the 1980 5 percent census as all welfare income reported by men cohabiting with children under
18 who are themselves aged 18-64. The first procedure uses national spending across all states across the 6
available years (bias=-53.9 percent), the second only compares spending in treated states, which necessitates
restricting attention to 1978-1980 (bias=-36.6 percent); the third instead compares administrative spending
and welfare income in the 1980 census (-22.5 percent), and the fourth does the same only in AFDC-UP
states (-49.5 percent). Using all men (regardless of cohabitation status) yields similar and slightly reduced
estimates across methodologies.

2Because there is no information on length of recipiency in the CPS-ASEC and administrative information
on caseloads are stocks of recipients in any given month, it is not possible to do a similar analysis comparing
recipiency rates.
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is 2.5.

The third explanation centers on measurement error in unemployment recall, which Horvath

(1982) documents in the CPS-ASEC between 1967-1979 to be on the order of 9-25 percent. Again

taking an extreme assumption — that all employed welfare recipients (currently and last year) in

AFDC-UP states were actually unemployed — and re-running specification (4) leads to a welfare

coefficient about 90 percent higher (36.4 p.p.). Combined with the previous cumulative factor of

2.5 implies an upper bound on recipiency of roughly 90 p.p., which is broadly consistent with the

actual size of AFDC-UP.3 Using this estimate of welfare receipt suggests AFDC-UP prevented

around 60 percent of recipient families from separating ((-0.061/0.9)/0.117). The corresponding

estimate for cohabitation suggests AFDC-UP prevented around 120 percent of recipient families

from non-cohabiting, although I cannot reject 100 percent (using the Delta Method and ignoring

uncertainty due to measurement error yields a 95 percent confidence interval of [-1.70,-0.75]).

3To gauge the plausibility of this estimate, one useful metric is how the (survey estimated) population of
unemployed men in the lowest tercile compares with recipiency over the sample period. Figure C.1 shows
that caseloads stand well above the count of (long-term) unemployed in each year of the sample, indicating
that the vast majority of these individuals could have been receiving welfare while some in higher terciles
contributing to the remainder. For reference, I also include implied caseloads from the CPS-ASEC, which
are significantly lower.
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Figure C.1: AFDC-UP caseload comparisons between
administrative records and the CPS-ASEC
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Notes: Plots the number of AFDC-UP caseloads (black solid line), estimates of the long-term unemployed
from the CPS-ASEC (gray solid line), and estimates caseloads in the CPS-ASEC (black dashed line), with
each series measured in 1,000s. Data on monthly AFDC-UP caseloads come from Bureau of Public Assistance
(Various Years) and are collapsed by year. Both CPS-ASEC series’ are from the primary sample, which
pools March CPS-ASEC data between 1977-1988 and is comprised of men ages 24-58 who are the head of
the household, do not live in group quarters or multi-family households, are classified as wage and salary
workers, worked non-zero weeks, report positive wage income in excess of $1,000, report zero farm or business
income in the prior year, live in households where no other adult is in the labor force, and are ever-married.
Series are presented only for men in the lower income tercile, where terciles are formed using predicted
full-time earnings among men who worked 52 weeks in the previous year, where the prediction uses the
square-root LASSO (Tibshirani, 1996; Belloni et al., 2011) with the set of possible predictors including fixed
effects for age, race, educational attainment bins (less than high school, high school, some college, and college
or more), state, year, occupation, and industry. Terciles are estimated separately by state and year. The
two CPS-ASEC series’ are estimated using survey weights.
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D Derivation of no-timing difference in differences

identification conditions

This section derives equation (3) in Section II, which relates the probability limit of β̂3 from

specification (1) to parameters of interest and measures of selection. I first re-create the estimand

given in equation (2) here:

β̂3
p→ E[yist|UP76

s(i) = 1,UNist = 1]−E[yist|UP76
s(i) = 1,UNist = 0]

−
(
E[yist|UP76

s(i) = 0,UNist = 1]−E[yist|UP76
s(i) = 0,UNist = 0]

) (D.1)

Substituting in the potential outcomes yist(UP
76
s(i),UNist):

= E[yist(1, 1)|UP76
s(i) = 1,UNist = 1]−E[yist(1, 0)|UP76

s(i) = 1,UNist = 0]

−
(
E[yist(0, 1)|UP76

s(i) = 0,UNist = 1]−E[yist(0, 0)|UP76
s(i) = 0,UNist = 0]

) (D.2)

Adding and subtracting the counterfactual mean potential outcome for unemployed men in AFDC-

UP states were they not exposed to AFDC-UP (E[yist(0, 1)|UP76
s(i) = 1,UNist = 1]) and re-arranging

terms:

=E[yist(1, 1)− yist(0, 1)|UP76
s(i) = 1,UNist = 1]︸ ︷︷ ︸

ATT

+
(
E[yist(0, 1)|UP76

s(i) = 1,UNist = 1]−E[yist(1, 0)|UP76
s(i) = 1,UNist = 0]

)
−
(
E[yist(0, 1)|UP76

s(i) = 0,UNist = 1]−E[yist(0, 0)|UP76
s(i) = 0,UNist = 0]

)
(D.3)

The first term labeled ATT is the Average Treatment Effect on the Treated for workers who

are unemployed in AFDC-UP states. Adding and subtracting the counterfactual mean poten-

tial outcome for employed men not exposed to AFDC-UP had they resided in AFDC-UP states

(E[yist(0, 0)|UP76
s(i) = 1,UNist = 0]) and re-arranging again yields:

=ATT −E[yist(1, 0)− yist(0, 0)|UP76
s(i) = 1,UNist = 0]︸ ︷︷ ︸

ATT ind

+
(
E[yist(0, 1)|UP76

s(i) = 1,UNist = 1]−E[yist(0, 0)|UP76
s(i) = 1,UNist = 0]

)
−
(
E[yist(0, 1)|UP76

s(i) = 0,UNist = 1]−E[yist(0, 0)|UP76
s(i) = 0,UNist = 0]

)
(D.4)
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The second term, labeled ATT ind, represents any indirect treatment effect that AFDC-UP exposure

has on employed individuals in AFDC-UP states.

Next, adding and subtracting the counterfactual mean untreated potential outcome if unem-

ployed and in AFDC-UP states (E[yist(0, 0)|UP76
s(i) = 1,UNist = 1]) and the counterfactual mean

untreated potential outcome if unemployed and in non-AFDC-UP states (E[yist(0, 0)|UP76
s(i) =

0,UNist = 1]), and re-arranging again yields:

=ATT −ATT ind

+E[yist(0, 1)− yist(0, 0)|UP76
s(i) = 1,UNist = 1]︸ ︷︷ ︸

ATTue(1)

−E[yist(0, 1)− yist(0, 0)|UP76
s(i) = 0,UNist = 1]︸ ︷︷ ︸

ATTue(0)

+
(
E[yist(0, 0)|UP76

s(i) = 1,UNist = 1]−E[yist(0, 0)|UP76
s(i) = 1,UNist = 0]

)
−
(
E[yist(0, 0)|UP76

s(i) = 0,UNist = 1]−E[yist(0, 0)|UP76
s(i) = 0,UNist = 0]

)

(D.5)

ATT ue(1) represents the causal effect of unemployment for actually unemployed men in AFDC-

UP states and ATT ue(0) represents the causal effect of unemployment for actually unemployed

men in non-AFDC-UP states. Term the difference ∆ATT ue ≡ ATT ue(1) − ATT ue(0). Finally,

the last set of unlabeled terms together represent a “Bias-Stability” (BS) measure, which is the

mean difference in non-AFDC-UP, employed potential outcomes between actually unemployed and

employed workers in AFDC-UP states minus the same measure in non-AFDC-UP states and is

analogous to parallel trends in more canonical difference in differences research designs leveraging

timing. Plugging in BS yields the final probability limit derivation:

β̂3
p→ ATT −ATT ind +∆ATT ue +BS (D.6)
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